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ABSTRACT
JESSICA L. ADAME

THE EFFECTS SOCIAL STRUCTURES HAVE ON COVID-19 OUTCOMES AMONG
THREE STATES IN THE UNITED STATES.

DECEMBER 2021

This study aimed at examining the effects social structures have on COVID-19
outcomes. Since the emergence of the COVID-19 virus in late 2019, there has been an
ongoing increase of confirmed cases and deaths worldwide. Past literature on structural
factors and health have concluded that select communities target health disparities.
However, because this virus is so recent, and continues to unravel itself. This dissertation
empirically analyzes the effects social structures have on COVID-19 outcomes by
examining counties within three states in the United States to understand better health
disparities related to COVID-19, particularly from a macro-level perspective. The three
states in this discussion are California, Texas, and New York. Specifically, this
dissertation presents three hypotheses.

Generalized least square regression techniques were utilized to assess the
hypotheses. Results indicate that overall, county population size, county racial
composition, percentage of married households, occupation, total percentage of
citizenship, and disadvantage are all significant predictors of rates of COVID-19
confirmed cases. The overall unemployment rate, county population size, racial

composition, occupation, and the total percentage of citizenship were significant
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predictors of COVID-19 death rates. When examining each state individually, I found
unique results on whether and how social structural factors affect each outcome. Findings
from this study can contribute to the awareness and literature on health disparities and

ultimately lead to policy implications that could alleviate these disparities.
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CHAPTER

INTRODUCTION

The COVID-19 infection first emerged in China in December of 2019. The rate of
those infected grew rapidly and quickly doubled by the beginning of 2020. According to
the Centers for Disease Control and Prevention (CDC 2021), since January 2020, there
has been an estimated total of more than 30 million confirmed cases in the United States.
Moreover, as of July 2021, there have reportedly been over 600,000 confirmed deaths in
the United States (WHO 2021b). The demographics of those infected and those who have
resulted in death have recently been discussed as leading influences to the outcomes of
this health pandemic (Alcendor 2020). Structural inequalities have magnified ethnic,
racial, and income disparities throughout COVID-19 (Raifman and Raifman 2020;
Templeton 2020).

Despite the increase in the awareness of this matter (Chowkwanyun and Reed
2020; Egede 2006; Louis-Jean et al. 2020; Shah, Sachdeva, and Dodiuk-Gad 2020), there
continues to be a lack of resources within specific communities, increasing poor
COVID-19 outcomes (Hooper, Napoles, and Peréz-Stable 2020; Louis-Jean et al. 2020).
Serious health issues, including diabetes, tuberculosis, and cancer, have provided similar
outcomes, such as death, within minority communities as COVID-19 is currently
presenting (Alcendor 2020; Egede 2006; McBean et al 2004). Results of a recent study

stated that structural inequalities in the United States continue to be a significant factor in



the health outcomes among low-income communities. In cities like Chicago, it was found
that while African Americans made up 30 percent of the population, they accounted for
50 percent of COVID-19 cases and approximately 70 percent of reported deaths related
to COVID-19 (Alcendor 2020). New York City had the largest number of COVID-19
cases as well as deaths. African Americans make up 22 percent of the population in New
York City, yet they accounted for 28 percent of COVID-19 deaths (Alcendor 2020). Like
African Americans, Hispanics/Latinos make up 29 percent of the New York City
population, yet they accounted for 34 percent of deaths (Alcendor 2020). Altogether,
when examining counties considered to be predominantly African Americans and
Hispanics/Latinos, there was a COVID-19 infection rate of 137.5 per 100,000 and a death
rate of 6.3 per 100,000, which was six times higher than predominantly white counties
(Alcendor 2020). The health disparities faced by these communities are argued to be
partly due to the differences in the social structures, including poor living conditions,
living in densely populated neighborhoods of lower socioeconomic status, less likely to
have access to health care, and lower rates of COVID-19 testing (Seldon and Berdahl
2020; Wertheim et al. 2013). As there are numerous assumptions as to the reasoning
behind these issues, preliminary evaluations have suggested that the effects of COVID-19
on minorities, particularly African Americans, are partly due to preexisting health
conditions that are most prominent among minorities (Bertocchi and Dimico 2020).

However, studies have indicated that the effects may derive from the lack of necessary



resources that this community is faced with (Alcendor 2020; Bertocchi and Dimico
2020).

Gross et al. (2020) found that mortality rates due to contracting COVID-19 are
higher for ethnic or racial minorities than whites. Specifically, African Americans have
nearly triple the COVID-19 death rates compared to whites, and Hispanics death rates are
almost double that of whites when age is considered. The urgency to address the racial
issues regarding health disparities and data that accounts for the disparities among these
communities remains vital (Bertocchi and Dimico 2020). In addition, structural
inequalities are an imperative factor that influences minority communities to be exposed
to viruses such as COVID-19 (Bentley 2020; Zhan et al. 2020). While this pandemic is
ongoing, the issue regarding health disparities among oppressed communities has
presented itself once more during the current health pandemic, making it a national
concern that requires immediate attention to implement practical solutions (Alcendor
2020; Pan et al. 2020).

Using five separate data sources: 1) The U.S. Census Bureau (2021b), 2) The
New York State Health Data (2021), 3) The California Open Data Portal (2020), 4) The
Texas Department of State and Health Services (2020), and 5) The U.S. Bureau of Labor
Statistics (2021), this longitudinal study aims to examine the effects that social structural
factors have on COVID-19 positive cases as well as confirmed deaths among three
different states in the United States; California, Texas, and New York, and their counties

during the months’ March 2020 to April 2021. Recently, there has been continuous



discussion regarding the disproportionate impact that COVID-19 has had on minority
communities since the beginning of the historical pandemic in the United States (Kendi
2020). This study uses two outcomes to measure the impact of COVID-19; the number of
confirmed monthly positive cases and the number of confirmed monthly deaths in all
different counties located in the state of New York, the state of Texas, and the state of
California throughout beginning from March 2020 until April 2021. In addition, the study
examines whether and how the state may play a moderating role in COVID-19 outcomes’
associations with these social structural factors throughout the pandemic.
RESEARCH PROBLEM

This study is guided by three main research questions contributing to
Fundamental Cause Theory and Social Disorganization Theory literature. First, how do
structural factors on the county-level influence, if at all, COVID-19 confirmed cases
among three states, each in distinct geographic regions? Secondly, how do structural
factors on the county-level impact, if at all, COVID-19 deaths among three states in the
United States, each being located in distinct geographic regions from each other? Both of
which are examined from March 2020 through April 2021. Third, does the state play a
moderating role in social structures and COVID-19 health outcomes?
SIGNIFICANCE OF STUDY

This study aims to examine the impact of social structural factors on the current
COVID-19 infections. While this virus is relatively new, it has claimed the lives of many

individuals throughout its existence. Past literature has frequently identified health



disparities as a consistent issue that needs addressing (Hicken, Kravitz-Wirtz, Durkee,
and Jackson 2018; Neagu et al. 2017). Yet, the current health concerns facing the country
and the world provide a new realm that must be examined to quantify the risks low
socioeconomic (SES) communities face and possibly allocate resources to identify,
prevent, and develop solutions for reducing health disparities.

There are three significant contributions of my study. First, this study provides
empirical quantitative analysis on the effects of social structural factors on COVID-19
outcomes. The outcomes of this study are both positive COVID-19 confirmed cases as
well as confirmed deaths due to COVID-19 infection. Examining deaths as their own
outcome contributes significantly to the literature on health disparities, precisely one that
is currently developing. This dissertation contributes to the literature through its advanced
statistical analysis, Generalized Least Square Regression, to explain COVID-19
outcomes over time. This study closely examines the effects of COVID-19 overtime by
using three time-varying variables; confirmed cases, deaths, and unemployment, to get a
better depiction of the outcomes of this infectious disease as it develops on a
month-to-month basis, rather than just examining the overall outcome at one point in
time, as other health matters within this realm of literature have done in the past. Thus, I
took into account the changes that this pandemic has caused since March 2020 in a
longitudinal analysis.

Second, I examined COVID-19 confirmed deaths among counties of three largely

populated states in the United States, California, Texas, and New York, and the effects



structural factors have had on COVID-19 outcomes, providing a macro-level perspective
to the current issue on health disparities. Third, uniquely, this study was guided by two
theoretical perspectives: One most commonly established in medical sociology—
Fundamental Cause Theory (Masters, Link, and Phelan 2015; Rubin, Clouston and Link
2014), and another macro-level theoretical perspective that has been more widely used to
explain structural factors and crime—Social Disorganization Theory. Fundamental Cause
Theory has been cited in the literature frequently regarding social structure inequalities
and health occurring throughout history. The recent COVID-19 pandemic magnifies
structural inequalities and their negative impacts on the disadvantaged populations in a
much shorter period of time. COVID-19, in this case, replaces the chronic illnesses such
as cancer, tuberculosis, diabetes, and several other long-term health issues that literature
has discussed in the past as it pertains to health disparities (Masters et al. 2015; Phelan,
Link, and Tehranifar 2010).

On the contrary, Social Disorganization is most known for its use in
understanding concentrated crime among neighborhoods due to structural factors
(Sampson and Groves 1989). This study used two theoretical frameworks to indicate that
similar structures used to explain both health and crime, individually, can be applied to
the current health pandemic. The present virus has occurred and will last within a short
period of time but has brought health problems on a more intense scale. My study
provides insight into modern-day health disparities, as it examines the current health

pandemic and the ways by which structural inequalities impact counties differently.



CHAPTER II

THEORETICAL FRAMEWORK

This chapter aims to synthesize an explanation for the increased spread of
COVID-19 confirmed cases and fatalities within concentrated areas to provide an
understanding of the effects social structures may have on the current pandemic. This
contribution will be made through the use of two theoretical perspectives: Fundamental
Cause Theory and Social Disorganization Theory. The two theoretical frameworks
discussed are linked through the usage of collective efficacy and the many ways by which
information is disseminated on the societal level, thus, influencing health outcomes on
the county level when it comes to COVID-19.

FUNDAMENTAL CAUSE THEORY

The theory of fundamental cause was first discussed in Lieberson’s (1985) basic
causes, which underlined the association between SES and mortality (House et al. 1990,
Lieberson 1985; Phelan et al. 2004; Phelan et al. 2010). In the health literature, it is often
stated that the poor and less privileged individuals face worse health, thus dying at faster
rates than those who are wealthy and more privileged (Link and Phelan 1995).

In 1995, Link and Phelan further developed Lieberson’s theory of basic causes by
suggesting that SES is a fundamental determinant of mortality disparities by linking
social conditions to health, eventually referring to this framework as Fundamental Cause

Theory. In essence, Link and Phelan (1995) argued that despite radical changes in social



conditions and medical technology, mortality among select groups is more or less
prevalent due to a lack of resources. According to Link and Phelan (1995), there are four
components to the Fundamental Cause Theory: First, it can be applied to any medical
outcome. In other words, it is not limited to a specific medical disease. Regardless of the
health condition, when faced with a medical illness, your health and other conditions of
the disease may depend on your SES (Phelan and Link 2013) Secondly, it affects medical
conditions through several different risk factors. Such factors include knowledge of
health-related factors (e.g., exercise, proper diet, and tobacco usage), psychological
factors, and social support (Gao et al. 2007; Masters et al. 2015; Mirowsky and Ross
2015; Phelan et al. 2004). Third, fundamental social causes include having limited
adequate access to resources that may otherwise allow prevention of risk factors and/or
minimize consequences of the disease once it occurs (Phelan and Link 2005; Phelan and
Link 2013). Fourth, the close association between fundamental cause and health is
reproduced over time by replacing intervening mechanisms (Phelan and Link 2005;
Phelan and Link 2013). Together, each component within Fundamental Cause Theory
argues that there are dynamic social processes that are continuously shaping the ongoing
relationship between SES and health outcomes (Freese and Lutfey 2011; Link and Phelan
2010; Phelan and Link 2013)
Fundamental Cause and Health

The issue of inequalities regarding health within marginalized groups is not a

recent one, rather a persistent one that has presented itself in countless fatal infectious



diseases such as measles, typhoid fever, tuberculosis, and many others throughout history
(Cockerham 2017; Phelan, Link and Dovidio 2008). According to Fundamental Cause
Theory, the main reason as to why SES is closely associated with poor disease outcomes
is due partly to the deployed resources that certain classes may or may not have access to
that could avoid risk and even allow for the adoption of protective strategies (Phelan and
Link 2005). Such resources include financial capital, knowledge, power, prestige, and
beneficial social standing (Rydland, Solheim, and Eikemo 2020). These resources
operate on both individual and contextual levels. When discussing the individual level,
this pertains to the “causes of causes” or “risks of risk” that may influence whether or not
people are aware, can afford, have access to, and even receive social support for their
efforts to partake in health-protective and enhancing behaviors (Mackenbach et al. 2015;
Phelan and Link 2005; Rydland et al. 2020). Link and Phelan (2010) argue that
individuals are at “risks of risks” when they do not have access to resources to practice
good health that promotes health benefits.

In a larger context, those who have the financial resources are able to position
themselves to be more accessible to practice better health; this is done by utilizing SES
resources, such as locating in advantageous neighborhoods (Link and Phelan 2010).
Communities sustain resources as a collective by having access to the best health care
facilities, playgrounds, parks, and food markets nearby, much of which Phelan and Link
argued to be the “risk of risk” that disadvantaged neighborhoods often lacked (Phelan and

Link 2005). A similar concept of collectivism within communities can be found when



examining crime (Kotlaja 2020). Because crime can be viewed on a macro-scale, it is
visible to recognize the disadvantages of communities and how their lack of resources
affects the community makeup (Kotlaja 2020). In higher SES communities, neighbors
collectively exert substantial clout to ensure that noise, crime, violence, pollution, and
even traffic are kept at a minimum, thus affecting the community as a whole; this is
referred to as collective efficacy (Kotlaja 2020).

Similarly, among every historical health matter throughout history, there has been
an abrupt number of deaths among specific communities that are fueled by overcrowding
and poor sanitation in low SES homes and communities as well as the lack of necessary
resources that other communities may be equipped with (Phelan and Link 2013; Polonijo
and Carpiano 2103). This disadvantageous component is what Phelan and Link argued to
be the “causes of causes” (Link and Phelan 2010). Recent literature has pointed to the
effects of neighborhood-level SES conditions on health outcomes (Root 2012).
Observable differences in health outcomes among distinct neighborhoods have suggested
that it may be partly due to physical or social environments that may result in health
inequalities (Diez Roux and Mair 2010). This includes the quality of social spaces that
affect the nature of social interactions (Diez Roux and Mair 2010). Since social capital
mediates the relationship between inequality and health status, the literature indicates
increases in poor health outcomes are commonly found in low SES areas where there is a
decrease of health resources accessible to the community (Veenstra 2000). Link and

Phelan (1995) argued that money, knowledge, prestige, power, and social connections are
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resources embedded in the variables that I recognize as imperative factors to health, such
as SES, social networks, ethnicity, and gender.

The term “ health disparities” refers to preventable differences in the burden of
health and disease, injury, violence, or opportunities to achieve optimal health
experienced by socially disadvantaged populations (CDC 2021). Specifically, such
populations can be defined by social factors such as race or ethnicity, education or
income, gender, disability, sexual orientation, and/or geographic location (e.g., rural or
urban; CDC 2021). Health disparities are inequitable and may be directly related to
historical and/or current unequal distribution of social, economic, environmental, and
political resources (Braveman et al., 2011; Masters, Link, and Phelan 2015).

Much literature has focused on the health disparities that accompany SES and
health (Stormacq, Van den Brouke, and Wosinski 2019). As stated in the literature, SES
disparities are among the most fundamental causes of health disparities (Stormacq et al.
2019). Because SES is frequently linked to a wide range of health outcomes and lifestyles
that influence health, levels of education, income, and/or occupation are commonly
discussed in the literature to be the most fundamental causes of health disparities (Adler
and Newman 2002; Stormacq et al. 2019). However, it is argued that SES plays more of a
proxy for other determinants that influence health (Braveman et al. 2011). Specifically,
health literacy, and the lack thereof, result in health disparities within low SES

communities (Stormacq et al. 2019).
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Moreover, the lack of health literacy influences other components that promote
better health (Stormacq et al. 2019). For example, according to Chen, Martin, and
Matthews (2006), children who live in low SES communities are less likely to get
vaccinated and suffer from consequences because of it. According to the literature, lower
SES is associated with lower life expectancy (Phelan and Link 2013), higher overall
mortality rates, and higher rates of infant and perinatal mortality (Link and Phelan 2010).
Lower SES communities are challenged with a lack of resources that yield health
promotion (Upshaw et al. 2020).

Fundamental Cause Theory suggests that SES is closely related to several disease
outcomes through the possible prevention of health outcomes by deploying resources that
could otherwise avoid risk and adopt protective strategies (Freese and Lutfey 2011).
Consequently, SES affects health regardless of the profile of the medical matter. For
example, a healthy lifestyle promotes better health outcomes; however, healthier habits
are possible (Masters et al. 2015). Health inequalities have persisted and are fueled by
risk factors such as poor diet, smoking, and inadequate exercise, which are more common
within low-income communities. These poor health habits that are commonly assessed
within marginalized groups, can be traced back to the lack of resources that promote
better health habits such as natural grocers, accessible/affordable health care providers
within the community, more green spaces such as parks, and an increase in the use of
public transportation, that may hinder positive health practices (Vega, Rodriguez, and

Gruskin 2009). Freese and Lutfey (2011) discussed “habitus” when discussing
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Fundamental Cause Theory. According to Freese and Lutfey (2011), certain classes have
different norms, lifestyles, and dispositions that may benefit health. This perspective was
first presented by Bourdieu (1987) when it was found that French working-class
individuals preferred foods that were nutritious yet cheap, while professionals preferred a
diet that was more healthy, light, and low on calories. Lifestyle practices, as discussed by
Bourdieu, are clustered in groups and therefore reflect on class, age, and gender
(Cockerham 2013). According to the literature, higher SES communities are equipped
with better grocers nearby that provide for healthier food choices as well as are more
likely to be surrounded by green spaces that promote healthy lifestyles (Pearce et al.
2007; Vega et al. 2009; Zhang and Tan 2019). Much literature has discussed green spaces
as mediating factors for the promotion of health, commonly found in higher SES
communities (Amano, Butt, and Peh 2018; Shin, Kwan, and Grigsby-Toussaint 2020;
Zhang and Tan 2019). Additionally, studies have found that green spaces within
neighborhoods are likely to provide a more stress-free environment, provide a more
welcoming atmosphere, and even influence crime rates (Amano et al. 2018; Schusler et
al. 2018).

Moreover, educational attainment maintains an imperative factor to health
disparities (Masters et al. 2015). The CDC (2021) indicates that health disparities are
closely related to inequities in education. Expressly, dropping out of school is associated
with multiple social and health problems (Gupta 2006). Overall, much of this literature

states that less education is associated with an increased likelihood of experiencing
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obesity, substance abuse, and unintentional and intentional injury than individuals with
more education (Gupta 2006). According to Phelan and Link (2005), adjusted mortality
rates among men and women are much higher for those with less than 12 years of
education. Masters et al. (2015) argued that the size of education gradient maintains a
significant gap among classes, racial groups, and gender. Research continues to document
persisting differences in educational attainment, health outcomes, and longevity. Masters
et al. (2015) indicated an emergence in educational attainment and smoking rates related
to smoking-lung cancer.

Moreover, according to Link and Phelan’s (2010) research, education plays a
mediating role due to its close relationship to lifestyle factors and access to adequate
health care. In addition, race and ethnicity maintain a pivotal factor in health inequalities.
In a race-conscious society, ethnic health disparities arise on three distinct levels: 1)
differences in social, political, economic, or environmental exposures, which in turn,
result in differences in disease exposure (American Public Health Association 2001; 2)
differences in access to healthcare; 3) differences in quality care received within the
health care system (American Public Health Association 2001). According to Phelan,
Link, and Dovidio (2008), Fundamental Cause Theory is not limited to any specific
medical disease; thus, literature regarding mental health issues has pointed to the

differences in health regarding race and ethnicity (Roxburgh 2009).

14



SOCIAL DISORGANIZATION THEORY

Social Disorganization Theory first emerged in 1942 by Clifford Shaw and Henry
McKay to better understand the residential locations of juvenile delinquents referred to
the Chicago courts (Sampson and Groves 1989). Upon their research, it was found that
crime rates were not evenly dispersed across time and space (Sampson and Groves 1989).
Instead, high crime volume was discovered to be concentrated in particular areas of the
city and remained relatively stable throughout different regions regardless of the
population changes within time (Sampson and Groves 1989). These observations led
theorists Shaw and McKay to conclude that crime was likely a function of neighborhood
dynamics and not so much the function of the individuals living within the
neighborhoods, thus theorizing that neighborhood ecological conditions shape crime rates
(Kubrin and Weitzer 2003; Kubrin and Bauhofer 2009). According to the theory,
residential mobility, poverty, ethnic heterogeneity, and weak social networks decrease a
neighborhood's ability to control crime (Kubrin and Weitzer 2003). Unlike most theories
that are mostly centered on examining “kinds of people” as an explanation for crime,
Social Disorganization Theory focuses on the effects of the structure of places, including
different types of neighborhoods and other dynamics within these institutions (Kowitt et
al. 2018). This theory argues that structurally disadvantaged communities may be
characterized by extreme levels of poverty with low-income households, single-parent
households, racial and ethnic heterogeneity, and residential mobility and are likely to lead

to higher rates of juvenile delinquency (Bursik and Grasmick 1993; Kingston, Huizinga,
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and Elliott 2009). Ultimately, this theory holds that lower levels of collective efficacy due
to the lack of social control from disorganization may increase violence (Kowitt et al.,
2018). Throughout time, the scope of the theory was expanded and adjusted to include
other intervening variables such as the effect of social disorganization on rates of family
disruption, which, in turn, may influence crime rates (Sampson and Groves 1989).
Interestingly, much of the same factors stated in the literature as imperative factors
influencing health are traced to crime (Denney, Saint Onge, and Dennis 2018). Thus, a
small body of literature has utilized the same frameworks to understand and examine
crime in explaining health outcomes (Binswanger et al. 2012). More commonly, studies
have explored the test of Social Disorganization Theory in high-risk urban neighborhoods
by examining the very social factors that are primarily associated with crime to determine
health outcomes (Binswanger et al. 2012; Kingston et al. 2009; Nkansah-Amankra,
Agbanu, and Miller 2013). In this aspect, researchers have frequently hypothesized that
neighborhood disorganization may affect physical health outcomes through its influence
on three major factors: 1) health-related behaviors; 2) access to services and amenities;
and 3) psychosocial processes by influencing levels of affective stress, mutual respect,
self-esteem and support (Villalonga-Olives et al. 2014).
Social Disorganization Theory and Health

With the more recent emergence of Social Disorganization Theory as one of the
most highly influential social theories utilized to explain neighborhood characteristics

and their influence on variations in crime and delinquency rates, many studies have
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altered the perspective by examining how such social structures can influence other
institutions such as the family, school, church and health (Kubrin 2008; Warner 2003).
Literature on family dynamics points to social disorganization theory to explain family
management (Sampson 1997). According to Sampson (1997), family composition is an
imperative factor of Social Disorganization Theory. Research states that single-parent
households are likely to be challenged with organizations that may lead to juvenile
delinquency from adolescence in the home (Leon and Walt 2001; Madyun 2011).

Additionally, social disorganization is often used to explain school and the
achievement gap (Madyun 2011). One main statement about social disorganization is that
neighbors’ closeness and subsequent collective efforts contribute to the social control of
community problems (Madyun 2011). According to this theory, the more close-knit a
community is, the more likely those living within are to identify a common problem and
address it by pooling resources, specifically as it pertains to crime (Sampson 1997; Shaw
and McKay 1942). In this sense, family composition is the first interconnected factor of
social disorganization, specifically single-parent households, because this is likely to lead
to a lack of adult supervision (Sampson 1997). Literature on achievement gaps indicates
that parent/family characteristics are commonly associated with a lack of social control
(Kubrin and Weitzer 2003; Madyun 2011; Sampson and Groves 1989).

As Social Disorganization Theory would suggest, neighborhood disadvantage is a
critical factor in delinquency and crime rates (Sampson 1997). Since the first factor in

social disorganization is family composition, neighborhood disadvantage must be closely
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examined. It is also indicated by factors such as the prevalence of poverty and
mother-only households (Massey 1996). Massey (1996) argues that the concentration of
poverty creates alienation of many types due to its possibility of eroding public order.
Furthemore, Browning (2002) considers many of the social problems within
neighborhoods due to family structure, arguing that poverty alone does not demolish
social organization. Neighborhood disadvantage is also a well-documented factor in poor
health outcomes, alongside other neighborhood features, including residential instability
and ethnic heterogeneity being causal factors for poor health outcomes (Browning 2002).
Although Social Disorganization Theory has been applied primarily to violence and
crime, researchers have theorized that this framework applies to physical health outcomes
(Browning 2002; Browning, Cagney, and Wen 2003; Kowitt et al. 2018). Past literature
has argued that neighborhoods with high levels of disorder may undermine physical
health for many reasons, such as increased stress and fear. Fear of disorder and a lack of
collective efficacy may lead to a decline in the outdoor physical activity necessary to
practice healthy habits (Karaca-Mandic, Georgiou, and Sen 2021). Researchers have
sought to understand the origins of diseases like cardiovascular health disparities in a
broader aspect, specifically by examining social and economic features of residential and
neighborhood characteristics (Browning, Cagney, and Iveniuk 2012; Mensah et al. 2019).
According to the literature, this theoretical perspective has been hypothesized by

including two major areas of its influence: 1) health-related behaviors by constraining the
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distribution of health information, and 2) access or lack thereof to services and amenities
that are directly related to health for the residents (Kawachi and Berkman 2014).

One area in which social disorganization and health are closely related is
neighborhood structural disadvantages. Past literature has shed light on the relationship
between neighborhoods and poor mental health as well as physical health; however, more
recently, studies have provided strong links between neighborhoods to heart diseases,
cancer, childhood illnesses, low birth rate, hypertension, asthma, depression, anxiety, and
many others (Diez Roux and Mair 2010; Freedman and Woods 2013). In addition, this
same study found that collective efficacy and SES disadvantage influence physical health
(Browning et al. 2003). Moreover, other studies have focused on how neighborhood
residence influences mental health problems (Xue et al. 2005). Similar to the typical
findings within social disorganization and crime, one study found that individuals living
in neighborhoods with higher levels of collective efficacy report better overall health
outcomes (Browning 2002). Historically, mental illness was recognized only as a
condition to be examined on an individual scale (Freedman and Woods 2013) rather than
being reviewed based on families or communities. While communities are a collection of
individuals, neighborhoods have quantifiable characteristics that explain far more than

the individual level (Freedman and Woods 2013).
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CHAPTER III

REVIEW OF THE LITERATURE AND HYPOTHESES

The following section reviews the literature that accompanies the newest health
pandemic, COVID-19, as it pertains to social factors that may influence confirmed cases
as well as confirmed deaths among three states and their counties: New York, Texas, and
California. This body of literature reviews past diseases to examine commonalities within
the social factors that may have influenced the health outcomes discussed. This
dissertation indicates that social factors such as unemployment, ethnicity, marital status,
working conditions, citizenship, disability, and disadvantage play independent imperative
roles in health outcomes on both confirmed COVID-19 cases and confirmed COVID-19
deaths.

HEALTH AND ILLNESS

Sociologists have argued that sickness and disease result from the organization, or
disorganization, in society (Cockerham 2017; Kowitt et al. 2018). The social gradient of
health is often discussed to understand this perspective. The social gradient of health is a
term used to describe the phenomenon where people who live in more disadvantaged
situations in terms of socioeconomic position are more likely to have worse health and
live shorter lives than those who are more advantaged (Donkin 2014). According to the
literature, the social gradient of health comprises economic, political, and social resources
necessary to sustain a healthy life (Phelan et al. 2010). This facet of literature indicates

that poor living and working conditions are likely to make people sick, resulting in an
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increase in death within this social group (Walker et al. 2014). This area of literature
further argues that disease and inequality are intimately linked (Dubowitz et al. 2015).

Past research has frequently discussed the gradient of health to be found in other
infectious diseases such as HIV/AIDS, Zika virus, and many others (Donkin 2014; Jones
et al. 2019). However, as it pertains to social determinants, the effects exceed infectious
diseases. They pertain to chronic diseases, cardiovascular diseases, type 2 diabetes,
pulmonary diseases, and many other ailments that highlight the well-documented
historical health disparities (Cockerham 2017; Hanson et al. 2020; Jones et al. 2019).

Historical accounts of past pandemics, epidemics, and infectious diseases have
frequently demonstrated that inequality, poverty, and social gradients of health are factors
for transmitting infectious diseases (Jones et al. 2019; Quinn and Kumar 2014).
Cockerham (2017) stated that concerning infectious diseases, numerous examples of the
effects social factors have on local epidemics and larger pandemics, such as the Black
Plague in the 18th century and Ebola in the 21st. Past studies regarding such diseases
have highlighted the social context of an individual’s life and the outcomes during these
pandemics/epidemics (Chen and Krieger 2020; Jones et al. 2019; Quinn and Kumar
2014).

In addition, according to social disorganization, a significant component to this
theoretical framework is a racial and ethnic composition about concentrated disadvantage
(Denney et al. 2018). Consistent with the literature on disadvantage, Denney et al. (2018)
found that lower status, arising from racial and ethnic minority status, education or

employment disparities, or a combination of all those factors, limits resources that can be
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ultimately leveraged toward better health and longer lives (Olshansky et al. 2012). During
the influenza in 1918, Black Americans were disproportionately affected due to legalized
segregation and racism restricting health access for Black patients (Evans 2020). In the
1980s, the United States faced the AIDS epidemic (CDC 2021). While anyone can be
affected by HIV/AIDS, in the United States, some groups are affected more than others
(CDC 2021). This is often due to the range of economic, social, and demographic factors
such as discrimination, geographic region, income, and education that may put select
communities at risk (Dubowitz et al. 2015; Williams and Collins 2016). In 2018, it was
estimated that while Blacks/African Americans made up only 13 percent of the US
population, they accounted for 41 percent of the people with HIV (U.S. Department of
Health & Human Services 2020).

Similarly, Hispanics make up approximately 18 percent of the US population;
however, they account for 23 percent of people with HIV, displaying racial health
disparities (U.S. Department of Health & Human Services 2021). Furthermore, Black
women are 20 times more likely to be HIV positive. In contrast, Hispanic/Latino women
are four times more likely to be infected than white women (CDC 2021).

While past infectious disease outcomes within nested communities partly resulted
from legalized segregation, these issues persist today due to a continuous occurrence of
neighborhood racial segregation that may restrict access to wider networks of healthy
living (Denney et al. 2018; Markides and Eschbach 2005). Krivo et al. (2013) indicated
that racial groups tend to inhabit and utilize different ethnoracial spheres in employment,

shopping, places of worship, otherwise referred to as collective efficacy, which may keep
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groups segregated but also provides differential access to resources that may be found
outside of this selective community. Emerging literature on community disadvantage has
indicated that racial and ethnic minorities in disadvantaged neighborhoods may have less
access to outside resources and consequently experience the burdens of living in such
communities (Krivo et al. 2013).

While health disparities are primarily noted in the United States, they can be
found worldwide (Adler and Stewart 2010). Past theoretical frameworks have
emphasized place-based approaches to health disparities and have coupled the
perspective with literature on neighborhood or area effects on health on community
organization and development (Diez Roux 2001; Sampson 2003). Community factors are
numerous and complex. Access to the primary sources of living a healthy life, such as
affordable healthy foods, and a limited or lack of community resources, such as parks that
promote regular activity, contribute as critical factors to overall health (Kowitt et al.
2018). Past studies have found that individuals who live in low poverty neighborhoods
are less likely to develop diabetes than those in high poverty neighborhoods (Ludwig et
al. 2011). A growing body of literature on neighborhoods indicates that neighborhood
characteristics are associated with health outcomes (Diez-Roux and Mair 2010; Kowitt et
al. 2018). Social Disorganization Theory suggests that in addition to neighborhood
disadvantage, neighborhood factors such as residential instability and ethnic
heterogeneity influence health outcomes (Browning 2002; Kowitt et al. 2018). In a study
examining social disorganization and diabetes, the researchers found that individuals

living in neighborhoods with high social disorganization had a higher likelihood of

23



having type 2 diabetes than neighborhoods with medium social disorganization (Kowitt
et al. 2018). In addition, that same study found that neighborhoods with high economic
disadvantages had higher self-reported use of emergency services. Emergency services
included any first responders that may have been called to assist the residents of those
neighborhoods.
PAST INFECTIOUS DISEASES

Infectious diseases are caused by microorganisms such as viruses, fungi, bacteria,
or parasites (University of Utah 2021). These diseases may be contracted from other
people who may carry the disease, environments, animal contact, and even insect bites.
Throughout history, there have been many infectious diseases that have resulted in a high
rate of death. Such diseases include Ebola, HIV/AIDS, Shingles, Chickenpox, Influenza,
Malaria, Measles, Tuberculosis, and many others (Brachman 2003; Rohr et al. 2019).
Interestingly, most infectious diseases include similar symptoms like fever, fatigue,
diarrhea, and muscle aches (Brachman 2003; Rohr et al. 2019). However, infectious
diseases may also include more specific symptoms as well as lead to more severe
outcomes. Past scholarly literature has allowed for understanding current and future
infectious diseases by providing perspective on commonalities among the diseases
(Wilson et al. 2012). Such commonalities include communities of higher risk, nested
disadvantaged populations, and even projected outcomes of infectious disease based on
demographics (Wilson et al. 2012).

Literature on health disparities has also focused on chronic diseases when

discussing differences among minorities by providing insight on social and racial barriers
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faced that ultimately affect health outcomes (Zavala et al. 2021). In particular,
cardiovascular diseases are often cited in the literature as a leading disease among all
social groups; however, they may affect select racial/ethnic and social groups more than
others (Zavala et al. 2021). While literature regarding cardiovascular diseases is often
examined, social structures examine causal factors to this chronic disease (Strutz,
Herring, and Halpern 2015). Moreover, while it is usually stated in the literature that
demography and biological/genetic determinants may play a significant role in the risk of
predisposing specific communities to cardiovascular diseases (Kuzawa and Sweet 2009;
Muncan 2018), there has been a frequent body of literature that has focused on the causal
roles of social circumstances in disease risks and progression (Arnett et al. 2016; Kurian
et al. 2007; Kuzawa and Sweet 2009). According to the CDC (2019), non-Hispanic Black
persons were more than twice as likely as non-Hispanic Asians to die of heart diseases
between 1999-2017. Furthermore, literature on health disparities has illustrated that
hypertension, a prime factor in cardiovascular disease risk, is more prevalent among
Hispanic and American Indian minorities than non-Hispanic Whites in the United States
(Chen et al. 2016). One study regarding cardiovascular disease among minorities found
that African Americans, in particular, had higher odds of hypertension, diabetes, and
obesity than their White counterparts (Bell et al. 2018).

According to a study by Golden et al. (2021), it was determined that similar
outcomes recognized during the COVID-19 pandemic were also found during the
SARS-CoV-2 outbreak and the vulnerable communities that were most impacted by the

outbreak. Individuals from underrepresented racial and ethnic groups, specifically

25



African Americans and Hispanics, are more likely to reside in congregate living
environments where they live in multigenerational households and have a higher
likelihood of obtaining jobs that require personal work such as meatpacking, service,
agriculture, and healthcare (Golden et al. 2021). Moreover, Black people tend to live in
close communities, and proximity becomes a significant concern during a disease
outbreak (Laurencin and McClinton 2020). In addition, differences in the prevalence of
underlying conditions among minority groups may also be associated with increased
susceptibility to COVID-19 complications and death (Golden et al. 2021). For example,
the current analysis indicates that diseases such as diabetes, cardiovascular diseases,
hypertension, and obstructive pulmonary disease, are among the most prevalent
underlying conditions seen within patients hospitalized with COVID-19 (Alcendor 2020).
Studies have determined that 45.4 percent of U.S. adults are at an increased risk of
suffering from COVID-19 complications if they are already challenged with any of the
listed underlying diseases (Alcendor 2020). As mentioned above, race and SES affect
access to healthcare in the United States (Alcendor 2020). Past medical studies have
frequently documented the prevalence of type 2 diabetes and adult minority populations,
and such disparities will continue to persist until 2050 (Butler 2017; Copeland et al.
2017; Pinhas-Hamiel and Zeitler 2007). African Americans, Hispanics/Latinos, and
American Indians are more likely to have type 2 diabetes than non-Hispanic Whites, thus
increasing the likelihood of contracting the COVID-19 virus (Alcendor 2020). Moreover,
racial and health disparities are also commonly found in diseases like hypertension,

where the highest prevalence is documented within the African American community,
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who have the least control of the disease compared with non-Hispanic Whites (Stephens,
Artiga, and Paradise 2014).

More recently, COVID-19 has magnified many health outcomes that older
infectious diseases have shown over time due to the differences in the duration of
development of past illnesses compared to the most recent contagious disease,
COVID-19 (Lau et al. 2020). Researchers are attempting to shed light on this rapid
infectious disease as it has impacted many past infectious diseases in a short period
(Morris et al 2017). While this current pandemic continues to develop, past infectious
diseases are relied on for projections on outcomes due to COVID-19. As of April 2020,
196 countries were affected by COVID-19 (Lau et al. 2020; Morris et al. 2017).
CONCENTRATED POVERTY

Concentrated poverty is referred to as the high incidence of poverty located in
specific neighborhoods or groups of neighborhoods (Iceland and Hernandez 2017).
According to the U.S. Census Bureau (2021a), if a family’s total income is below the
threshold for a family of that size, then that family and all individuals within it are
considered to be living in poverty. Trends in concentrated poverty throughout the United
States have been volatile in the past several decades (Iceland and Hernandez 2017). In
other words, there is a continuous increase in poverty throughout the nation (Iceland &
Hernandez 2017). According to Price et al. (2018), more than a tenth of the U.S.
population is currently living in poverty. As poverty remains a leading factor in health
disparities, nested communities where income segregation is involved, there continues to

be a rise in poor health outcomes within these disadvantaged areas (Benfer et al. 2020).
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Unfortunately, poverty influences health care, housing, and employment (Benfer et al.
2020)

As income is recognized to be strongly associated with morbidity and mortality,
it has been stated that poor health also contributes to reduced income, increasing poverty
(Khullar and Chokshi 2018). Moreover, individuals considered to be low-income are
more likely to face barriers in accessing medical care than higher-income Americans
(Khullar and Chokshi 2018). Americans who fall below the poverty threshold are less
likely to have access to adequate health insurance and technologies since they are more
likely to be employed by organizations that do not offer health benefits (Khullar and
Chokshi 2018). Unfortunately, more than 27 million Americans remain uninsured (Moore
and June 2020). According to the U.S. Census Bureau (2021b), more than 9 percent of
the United States population is uninsured, with states like Texas, Florida, and New
Mexico each having an uninsured population of more than 14 percent. In one study,
Dunlap et al. (2010) linked the macro-level social forces and the micro-level social
forces, arguing that social forces examined on the macro-level are likely to lead to
consequences at the micro-level. It is frequently noted that poverty and inequality are
higher in America than in most other countries (Dunlap et al. 2010). Primarily, there is a
higher concentration of poverty within inner cities with a higher population density
(Wilson 2007).

Moreover, individuals from low-income communities are more likely to partake
in behavior-risk activities such as substance use, smoking, obesity, and lower levels of

physical activity (Carnethon et al. 2017; Firebaugh and Acciai 2016; Woo et al. 2004).
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Low-income neighborhoods tend to be more crowded and have a higher density of
tobacco retailers. Thus, individuals who make $35,000 a year or less are three times more
likely to smoke than those who make an annual income of $100,000 or more (Dunlap
2018; Khullar and Chokshi 2018). Impoverished communities also contend with other
structural challenges that contribute to higher rates of illnesses such as obesity and
chronic diseases such as a higher density of fast-food restaurants, less access to fresh
foods, and environments not conducive to physical activity (Moore and June 2020). As
concentrated poverty states, nested poverty is made up of individuals who collectively
represent the community and its social standing (Moore and June 2020; Peterson and
Litaker 2010). In particular, regional poverty is often discussed in the literature (Peterson
and Litaker 2010). The characteristics of rural and urban counties vary significantly; thus,
the potential influence of regional poverty on health care may operate differently
(Peterson and Litaker 2010). Contextually, rural poverty hinders opportunities for
employment and restrictions in the labor market compared to more urban regions
(Peterson and Litaker 2010).

Emerging data has found that socioeconomic factors such as low-income
communities significantly influence COVID-19 infection and death rates within these
communities (Benfer et al. 2020). Within impoverished communities, significant health
disparities have been identified in illnesses such as higher rates of chronic diseases,
communicable illnesses, and premature mortality than communities above the poverty
threshold (Dunlap et al. 2018; Price et al. 2018). According to Bhowmik et al. (2021), it

was found that there was an increase in the COVID-19 mortality rate among counties
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with a higher income inequality ratio as compared to counties with lower income
disparities. Past pandemics have provided evidence that individuals living in poverty,
marginalized groups, and people of color are disproportionately impacted due to the
social determinants of health. Thus, they appear similar to the health disparities emerging
in the current COVID-19 pandemic (Benfer et al. 2020).

Higher rates of unemployment, less access to healthcare, greater risk of eviction
during the pandemic have led to higher mortality rates due to COVID-19 (Benfer et al.
2020).

COVID-19

According to the CDC (2020b), coronavirus, most commonly known as
COVID-19, is a medical illness caused by a virus spread from one person to another. The
symptoms of the sometimes fatal virus can range from mild or no symptoms to severe
illness and even possible death (CDC 2020b). COVID-19 affects individuals differently,
as there is no concrete symptom of the virus (Gross et al. 2020; Townsend, Kyle, and
Stanford 2020). Medical analysts have found that the leading cause of the spread of this
virus may occur from person-to-person interaction, specifically, close contact with
someone who may be carrying the virus. Transmission may occur when someone who
has the virus coughs or sneezes and transmits the virus through droplets that land in the
mouth or nose of nearby people or is inhaled into the lungs (Golden et al. 2020; Gross et
al. 2020; Shi et al. 2020). However, recent findings have also indicated that possible
transmission may occur through the touching of surfaces or objects that have the virus on

them and even through air ventilation systems (CDC 2021). Additionally, airborne
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transmission has been frequently assessed as being a transmitting factor of COVID-19.
According to the CDC (2020a), some infections can spread when small particles linger in
the air for several minutes and even hours, affecting those who maintain distance from
those around them.

In March 2020, the World Health Organization (WHO) declared the COVID-19
outbreak an official pandemic. According to the WHO (2021a), a “pandemic” is defined
as “an epidemic occurring worldwide, or over an extensive area, crossing international
boundaries and usually affecting a large number of people.” With nearly 170,000
confirmed cases by March 2020, the rate of confirmed cases has continued to rise
monthly (WHO 2020a). As of July 2021, there have been an estimated 192 million
confirmed COVID-19 cases since its first appearance worldwide and more than 4 million
deaths worldwide. In the United States, in particular, there have been more than 35
million confirmed cases since its first appearance, with a prediction of more than 600,000
confirmed deaths. When examining the United States, in particular, states like California
(44,152 deaths, 3.42M cases), Texas (39,490 deaths, 2.5 million cases), and New York
(44,387 deaths, 1.48 million cases) remain to be the three states with the most deaths due
to COVID-19, as of February 2021 (WHO 2020a).

As there continue to be scientific developments on this new virus, recent findings
have suggested that specific populations are more vulnerable to being at risk of exposure
to the infectious disease, as well as death from COVID-19, than others (Bhala et al. 2020;
Gold et al. 2020; Townsend et al. 2020). According to the WHO (2020b), it has been

found that people who are over the age of 50 or have underlying health conditions such as
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lung cancer or heart disease are more prone to contracting the infectious disease than any
other age group.

Moreover, sex differences in the likelihood of contracting COVID-19 have been
shown to have consistent findings (Bhala et al. 2020). According to a study by Drefahl et
al. (2020), it was found that males were more likely to contract COVID-19 in their
research; these findings correlate with findings from the CDC, which indicate that men
are approximately two times more likely to contract and die due to COVID-19. Reasons
for this sex difference have not been completely determined. In addition, age indicates
both the risk of contracting the illness and the severity of the outcomes once infected
(Bhala et al. 2020; CDC 2020a; Malik et al. 2020). According to the CDC (2020b), the
risk for severe illness due to COVID-19 increases, with older male adults being at the
highest risk. The CDC (2020a) states that 8 out of 10 COVID-19 deaths reported in the
United States are adults who are 65 years old and older. In particular, individuals in their
50s are at higher risk for severe illness than individuals in their 40s, and those aged 85 or
older are at the highest risk (CDC 2020a; Laurencin and McClinton 2020). Severe
illnesses due to this infectious disease include hospitalization, intensive care, the need for
a ventilator to assist with breathing, and even possible death (Wang et al 2020).
Undoubtedly, this virus has impacted the entire world. For the United States, in particular,
many states were affected differently due to their significant circumstances, such as
population density, racial/ethnic makeup, geographic location, alongside many other
reasons (Probst, Lee, and Bazzoli 2020) However, states with the highest populations are

more likely to have higher rates of COVID-19 cases and deaths due to an increase in
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social interaction and density (Probst et al. 2020). In particular, California, which is
ranked as the number one most populous state in the United States, and located on the far
west coast of the country, is challenged with significantly high COVID-19 cases and
deaths daily. California was the first state to mandate a stay-at-home order requiring all
residents to stay at home except to go to essential jobs or shop for essential needs (AJMC
Staff 2021).

Furthermore, Texas, considered the second most populous state, located in the
central United States, faces increased COVID-19 cases and deaths because of its high
population. On the far east coast, states like New York are significantly impacted due to
their population density and geographic location. This study focuses on these three states
for three main reasons that allow for the general examination of COVID-19 health
outcomes throughout the United States: 1) their increased population density, as
compared to other states in the United States, each of the three states have significantly
high population density: 2) each of the three states is spread apart from each other
providing examination of the United States, from coast to coast, California is located in
the far west coast of the country, Texas is located in the central area of the country, and
New York is located on the far east coast of the country, and 3) the racial and ethnic
makeup of these three states are inclusive for examination of this study as they each have
dominant racial/ethnic groups.

NEW YORK
New York is located in the northeastern United States and is ranked as the 30th

largest state in geographical size. Yet, it is considered to be the fourth most populous state
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in the United States, right behind California (39 million), Texas (29 million), and Florida
(21 million; World Population Review 2021a). In July 2015, there were an estimated
19,795,791 New York residents (World Population Review 2021b), with a population
density of 421 people per square mile. New York is home to the largest city in the US,
New York City (World Population Review 2021b). Due to its high population density,
New York has been one of the states with the highest COVID-19 cases and mortality
rates (World Population Review 2021a). As of April 2021, there have been an estimated
total of 923,036 COVID-19 cases and 32,456 deaths in New York City since the
beginning of the COVID-19 pandemic (NYC Health 2021). On average, there were
approximately 1,912 new cases per day as of April 2021. According to the CDC (2021),
New York City was considered an early epicenter of the COVID-19 pandemic. In other
words, it may have been one of the first, if not the first, to have residents who contracted
the virus. Within the first few months of the pandemic, this state already had
approximately 203,000 confirmed laboratory cases with a crude fatality rate of 9.2
percent among confirmed cases and 32.1 percent among hospitalized patients (CDC
2020b). For New York, in particular, the highest rates of cases, hospitalizations, and
deaths were nested in communities of color, areas of high poverty rates, and among
persons 75 years or older with underlying conditions (CDC 2020b; Thompson et al.
2020).

Moreover, the economic standing of New York was drastically affected. As of
March 2021, New York City was still down approximately 585,000 payroll jobs

compared to February 2020, having gained only 37 percent of job losses (Department of
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Labor 2021). In one study regarding COVID-19 outcomes, in predominantly African
American counties, there was found to be a COVID-19 infection rate of 137.5 per
100,000 and a death rate of 6.3 per 100,000, which was determined to be three times
higher than counties that are predominantly non-Hispanic White (Alcendor 2020; New
York State Department of Health 2021). Furthermore, the death rate in predominantly
African American counties was found to be six times higher than in predominantly White
counties (New York State Department of Health 2021).

The unemployment rate can help provide governmental and private institutions a
summarized overview of the overall standing of the civilian labor force (Department of
Labor 2021). According to the National Bureau of Economic Research (2021), the United
States entered a recession in February 2020. In June 2020, the unemployment rate for
New York had reached 20.3 percent. However, because of the diversity in the counties
within this state, these rates are not shared evenly across New York (National Bureau of
Economic Research 2020). For example, as of October 2020, the unemployment rate was
the highest in the Bronx at 17.5 percent, followed by boroughs like Brooklyn (13.3
percent) and Queens (13.1 percent), with the lowest rate being in Manhattan (10.3
percent; U.S Bureau of Labor Statistics 2021).

New York is expected to face continuous financial struggle due to the setback
from the current pandemic. National data indicates that groups most likely to face
financial difficulties due to the pandemic are workers with lower educational attainment,
younger workers, Black or Hispanic workers, and women (U.S. Bureau of Labor

Statistics 2021).
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TEXAS

Texas is located in the south central region of the United States. It is the second
largest state by geographical area and population (U.S. Census Bureau 2021d). According
to the United States Census Bureau (2021d), as of July 2021, there is an estimated
population of over 29 million residents, making it the second-most populous state in the
United States after California (39 million).

Like New York, Texas has also been rated as one of the top states to have
confirmed COVID-19 cases (Texas Department of Health and State Service [TDHSS]
2020). By January 2021, the TDHSS (2020) had documented more than 1.7 million
COVID-19 cases in the state of Texas alone, with nearly 30,000 deaths from the
infectious disease. Additionally, literature on racial disparities in Texas indicates that
Hispanics are two times more likely than non-Hispanic Whites to test positive for
COVID-19, three times more likely than non-Hispanic Whites to be hospitalized due to
COVID-19, and 2.3 times more likely to die than non-Hispanic Whites due to COVID-19
(CDC 2021). Black people or African Americans are 2.8 times more likely than
non-Hispanic Whites to be hospitalized due to COVID-19 and nearly two times more
likely to die than non-Hispanic Whites due to COVID-19 in Texas (CDC 2021). Asians
are twice as likely to be hospitalized and die due to COVID-19 than non-Hispanic Whites
overall (CDC 2021).

For Texas, unemployment was initially staggering, with the months between
February and April 2020 having lost more than 1.4 million jobs in Texas only (Texas

Workforce Commission 2021). By the beginning of January 2021, Texas unemployment
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had continued to rise with more than 4.1 million initial claims for unemployment
insurance, record-high numbers (Texas Workforce Commission 2021). Unfortunately,
those affected financially are predominantly women and minorities, specifically those
working as service providers, such as hotel employees and restaurant workers.
CALIFORNIA

California is located in the western region of the United States and stretches from
the Mexican border along the Pacific coast (WHO 2021b). California is considered to be
the most populous state in the United States with an estimated population of 39,512,223
as of July 2019 (U.S. Census Bureau 2021c). It has the fifth largest economy with more
than 65 million annual visitors and more than 19 million civilians in the labor force (U.S.
Census Bureau 2021c¢). Because of its high population, California has been one of the top
states with COVID-19 cases (Curley 2021). As of April 2021, California has had
3,634,775 confirmed COVID-19 cases resulting in 60,273 deaths (U.S. Census Bureau
2021c). Hispanics and Latinos make up more than 55 percent of the confirmed cases in
California while Whites make up 20.3 percent (U.S. Census Bureau 2021b). Additionally,
Hispanics and Latinos alone make up more than 46 percent of confirmed deaths in
California due to COVID-19, as compared to Whites who make up 31 percent of
confirmed deaths in California due to COVID-19. African Americans and Asians make
up 4.2 percent and 6.9 percent of confirmed cases of COVID-19 in California and 6.3
percent and 12.2 percent of confirmed deaths due to COVID-19 in California (California
Department of Public Health 2021). The uneven distribution, such as minority

communities being more likely to contract the deadly virus, reveals significant racial
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disparities in California. Like most states, California was drastically affected by the
COVID-19 pandemic, with a rapid increase in unemployment. According to the
Employment Development Department (2021), California’s unemployment rate increased
by 0.9 percent points in December 2020 as 52,000 jobs were lost due to the COVID-19
pandemic.

STRUCTURAL INEQUALITIES AND COVID-19

Structural inequality is defined as “a condition where one category of people have
attributed an unequal status concerning other categories of people” (Bentley 2020:62).
According to Bentley (2020), structural inequalities in health can be categorized into 1)
socioeconomic and 2) developmental and life course.

Socioeconomic inequalities refer to neighborhood deprivation, lack of access to
healthy food, green space, gyms, parks, health services; unemployment; unaffordable
health access; food services; and crowded and low-quality housing (Azar et al. 2020;
Bentley 2020; Matricardi, Dal Negro, and Nisini 2020). Developmental and life-course
are also essential components to structural inequalities. Developmental components
include metabolic conditions such as overweight and obesity, hypertension,
cardiovascular diseases, and type 2 diabetes (Azar et al. 2020; Bentley 2020; Cao et al.
2020; Levine and Crimmins 2014; Nguyen et al. 2020; Simons, Cillessen, and Hazelzet
2016). Life-course components focus more on behavioral matters such as smoking,
drinking, and drug use (Bentley 2020).

As mentioned previously, racial and ethnic minorities bear a disproportionate

burden of mortality and have done so throughout history (Gee and Hicken 2021). Health
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inequalities can be found in heart disease, infant mortality, and cancer (Gee and Hicken
2021). The fundamental causes of these health outcomes have frequently been reported
from structural inequalities (Killerby et al. 2020; Moore et al. 2020). Social segregation is
a significant component of structural inequalities (Bailey et al. 2017; Gee and Hicken
2021). Social segregation refers to the separation of social groups, specifically residential
segregation (Gee and Hicken 2021). Residential segregation may influence health by
concentrating poverty, infectious agents, environmental pollutants, and other adverse
conditions (Gee and Payne-Sturges 2004). Such segregations include workplaces,
schools, and health care facilities that ultimately contribute to health disparities
(Walsemann and Bell 2010). Recent studies state a growing concern that racial and ethnic
minority communities face morbidity and mortality at unique rates when faced with
major diseases (Walsemann and Bell 2010). Other studies have indicated that health
disparities among these marginalized populations go further than what is currently
presented (Andrasfay and Goldman 2021). One study projected that COVID-19 would
reduce the U.S. life expectancy in 2020 by 1.13 years (Andrasfay and Goldman 2021).
However, for Black people and Latinos, estimated reductions are three to four times
higher than for Whites. Unfortunately, COVID-19 is expected to reverse 10 years of
progress in closing the life expectancy gap between Blacks and Whites (Andrasfay and
Goldman 2021).
Demographic Composition and COVID-19

Extensive sociological and medical literature has frequently implied that race and

ethnicity are socially constructed (Muncan 2018). In general, racial minorities are faced
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with a disproportionate burden of morbidity and mortality (Muncan 2018). There has
been increasing evidence that some racial and ethnic minority groups are
disproportionately affected by COVID-19 (Gross et al. 2021; Probst et al. 2020). In 2020,
the CDC stated that deaths due to this virus continue to disproportionately affect the older
population and certain racial and ethnic minorities, mainly Hispanic persons (CDC
2020a). While 51 percent of deaths due to COVID-19 are White persons, Black and
Hispanic persons were disproportionately represented (Laurencin and McClinton 2020).
In August 2020, Black persons still accounted for 18.7 percent of overall deaths despite
representing just 12.5 percent of the overall U.S. population. Similarly, Hispanics
represent 24.2 percent of descendants yet make up 18.5 percent of the U.S. population.
The immediate impact that COVID-19 has magnified is that racial health
disparities throughout the United States can be found within concentrated minority
communities (Laurencin and McClinton 2020). Overall, it was found that communities
made up of an increased Asian population were the first to be faced with poor COVID-19
outcomes, thus, have overwhelming case and death rates (Health Affairs 2021). One
study indicated that for a city that is one-third Asian, such as San Francisco, Asian
Americans experience four times higher case fatality rates than the overall population
(Health Affairs 2021). Likewise, in general, literature has been consistent in indicating
that African Americans are more likely to reside in densely populated low-income
neighborhoods with less access to amenities and are more likely to be employed in jobs
where more public exposure is required (Backer 2020a; Bhowmik et al. 2021). While

research on the county level remains scarce, one significant study by Azar et al. (2020)
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found that California’s death rate among African Americans is higher than that group’s
representation in the population and even more disproportionate in some counties.
Notably, by late 2020, counties like Los Angeles County showed a 14 percent mortality
rate among the African American population, yet make up only 9 percent of the county
population (Azar et al. 2020). Within this same study, COVID-19 outcomes within zip
code areas were examined to understand better the concentration of minority areas
regarding health (Azar et al. 2020). In doing so, disparities were found in areas where a
high percentage of Medicaid-insured residents were likely to be in lower-income
neighborhoods versus commercially insured beneficiaries, likely to be higher-income
patients (Azar et al. 2020). Such findings indicated that as a group, African American
patients tended to live in the lower-income areas and thus, were less likely to seek
COVID-19 medical attention due to financial stress that may have required the need to
continue employment and delay medical care despite symptoms (Azar et al. 2020).
Similarly, recent studies regarding COVID-19 and racial composition postulated that
counties with higher proportions of African- Americans were more likely to have an
increase in COVID-19 transmission rate (Bécker 2020b; Bhowmik et al. 2021).
Regarding the female population, counties with a higher proportion of females
positively impacted the COVID-19 transmission rate (Bhowmik et al. 2021). Thus, it was
found that in counties with higher percentages of the female population, there was likely
to be an experienced increase in the number of COVID-19 cases compared to other
counties with a lower percentage of the female population (Bhowmik et al. 2021).

Further, when examining age distribution proportions, it was found that when it came to
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transmission, in particular, there were higher transmission rates within age groups 18
years and older (Bhowmik et al. 2021).

Past studies have highlighted the disproportionate impact regarding health and
race exposed through common illnesses throughout history (Alcendor 2020; Cheng et al.
2007; Hui et al. 2015). In the earlier stages of the pandemic, it was speculated that
African Americans were more immune to the disease and least likely to contract the virus
(Alcendor 2020). However, as the transmission of the disease continued to increase,
specifically in cities known to be densely populated, it emerged that African Americans
and Hispanics were disproportionately impacted by the virus and continues to become
more apparent as the spread of the illness continued (Pan et al. 2020; Thebault et al.
2020).

Educational Attainment and Health

An abundance of literature has shown that good health is associated with
economic and social resources such as income, wealth, marriage, and education (Brown,
O’Rand, and Adkins 2012). Since educational attainment is an imperative factor in the
SES gradient, literature has suggested that educational attainment holds a pivotal role in
good health (Morton et al. 2016). In fact, in one study, it was found that educational
attainment was the leading SES indicator in predicting smoking prevalence (Morris et al.
2018; Morton et al. 2016). In another study involving vascular risk, a significant trend
was found toward increased vascular risk with decreasing levels of education (Morton et
al. 2016). According to Morton et al. (2016), individuals who had no formal education

were at a 46 percent higher risk of vascular events such as fatal or nonfatal cardiac
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illness, cerebrovascular illness, and/or peripheral vascular illnesses than participants who
had tertiary education. In this same study, significant findings regarding mortality across
educational levels were also substantial (Morton et al. 2016). Mortality due to any
vascular event was twice as likely among participants who had no formal education than
those who had tertiary education (Morton et al. 2016).

Furthermore, education, or the lack thereof, is commonly associated with health
habits (Mistry, D’Orsogna and Chou 2018). In 2018, smoking was the top cause of death
(Mistry et al. 2018). In the United States, SES is a leading determinant of smoking
prevalence and is acquiring poor health outcomes (CDC 2019). According to the CDC
(2019), individuals with higher educational attainment have a lower cigarette smoking
rate than the general population. For those who only have a general equivalency degree
(GED) certificate, smoking prevalence is the highest of any other educational group
(Mistry et al. 2018). Individuals who have at least a bachelor's degree smoke cigarettes
for half the duration of that of people with only a high school education (Mistry et al.
2018; Siahpush et al. 2009).

The influence education has on poor health habits may be conditional upon how
education translates into income and wealth, which is primarily affected by race (Assari
and Mistry 2018). Regardless of education, Blacks are more likely to work in jobs with
minimum wage salaries, poor working conditions, unstable and stressful working
conditions, and minimum opportunities for advancement and promotion (Assari and
Mistry 2018). Additionally, at every level of education in their study, Blacks are more

likely to be exposed to stress that hinders their health (Assari and Mistry 2018).
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Interestingly, similar findings are found when examining educational attainment for
Hispanics (Assari, Farokhnia, and Mistry 2019). As educational attainment increased, the
duration of alcohol use and binge drinking decreased (Assari et al. 2019). Yet, amongst
Whites, highly educated Hispanics were more likely to be at risk of frequent alcohol
binging compared to their non-Hispanic White counterparts, possibly due to the fact that
upward social mobility is more stressful among ethnic minority groups (Assari et al.
2019; Assari and Lankarani 2018; Hudson et al. 2012) As it pertains to COVID-19
specifically, recent studies have found that educational status is closely correlated with
the COVID-19 mortality rate. One county-level study indicated that the likelihood of
COVID-19 mortality increases where there is an increased share of people with less than
a high school education in a county (Bhowmik et al. 2021). However, literature on
educational attainment and COVID-19 outcomes is still at its earliest stages (Upshaw et
al. 2021). Instead, much of the research in this area points to occupational status to better
understand this social determinant (Upshaw et al. 2021). In other occupations such as
meat and poultry factories, it was determined that of the 130,578 workers employed in
the 115 affected factories, 3 percent tested positive (4,913 cases), and 0.4 percent died
(Dyal 2020).
Occupation and COVID-19 Outcomes

Since the earliest stages of COVID-19, occupation was closely examined to better
project rates of infection (Magnusson et al. 2021). With proximity being an essential
indicator of the risk of COVID-19 transmission, studies soon found concerning

differences among specific occupations (Magnusson et al. 2021). The first reports of
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occupational risk of COVID-19 emerged from Singapore, indicating that locally
transmitted cases were commonly found within occupations involving tourism and
trading (Yang et al. 2020). Soon after, it was found that essential workers such as
personal service occupations and machine and plant operatives had a higher risk of
contracting the illness as compared to non-essential workers, who are believed to more
commonly work from home (Magnusson et al. 2021; Mutambudzi et al. 2021).

This pattern has persisted in other countries throughout the world as it was found
that in England, Wales, and Sweden, there was a sudden increase in COVID-19 mortality
rates within employees of occupations such as sales and retail, transportation (taxi/bus
drivers), and catering services (Giinther et al. 2020; Mutambudzi et al. 2021).
Comparably, occupations such as teachers and those that allowed for working from home
had lower rates of contraction and mortality due to COVID-19 (Giinther et al. 2020; Xu
et al. 2020). In China, laborers, retail workers, agricultural workers, and healthcare
workers were most likely to become infected with COVID-19 (Chu et al. 2020).
Specifically, one study found that the first wave of infection in China may have stemmed
from migrant labor workers, as 29.1 percent of COVID positive patients were migrant
workers (Fan et al. 2020). Another study examined 26 admitted COVID-19 positive cases
in Liaochang and found that most of those admitted were retail staff (Wang, et al. 2020).
In the United States, reports found the prevalence of COVID-19 among employees of
homeless shelters, correctional or detention facilities, and meat processing facilities
(Tobolowsky et al. 2020). In counties in Washington, specifically King County, 21

percent of staff at three homeless shelters were confirmed to have COVID-19
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(Tobolowsky et al. 2020). In counties within the cities of Boston, San Francisco, and
Atlanta, 11 percent of staff at 19 different homeless shelters tested positive for COVID
(Mosites et al. 2020). Among staff who were employed at correctional or detention
facilities, the CDC found that within 37 states in the United States, there was a reported
total of 2,778 cases of COVID-19 among these staff members, of whom 3 percent
became hospitalized at some point, and 1 percent died (Wallace et al. 2020).

Additionally, a recent study from the CDC (2020a) found that health care workers
in the United States accounted for 19 percent of confirmed COVID-19 as it pertains to
the occupation (CDC 2020a; Gibson and Greene 2020). Overall, occupation has been
determined as one of the most imperative mediating factors for COVID-19 contraction,
transmission, and mortality (Magnusson et al. 2021). With close physical proximity
having an increased likelihood of contracting the virus, services workers, specifically bus
drivers and cashiers, and other essential workers are recognized as being the occupations
to most likely get the virus, yet are least likely to be granted time off despite the increased
rate of transmission (World Economic Forum 2021).

Social and Formal Support (Relationship Factors)

Studies have shown that social support has been reliably related to morbidity and
mortality (Uchino 2006). In 1979, researchers Berkman and Syme presented in their
research the extent to which an individual's social connections influence their overall
mortality. Their findings concluded that people who had lower levels of social
connections, might it be friends, family, or acquaintances, had higher mortality rates as a

group compared to those who had higher levels of social connections (Berkman and
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Syme 1979; Uchino 2006). The literature defines social support as both the structures of
an individual’s social life, including group memberships, the existence of familial ties,
and the more explicit relational functions that may serve as emotional support
mechanisms such as dating and marriage (Cohen et al. 2004). Uchino (2006) found that
social support influences physical health outcomes in two major pathways. First, one
pathway involves the behavioral processes that include health behaviors and may adhere
to medical regimens such as those discussed by social control and social identity theorists
(Lewis and Rook 1999; Umberson 1987). This view argues that social support is a
health-promoting mechanism that may facilitate healthier behaviors such as exercise, not
smoking, and healthier eating habits (Lewis and Rook 1999; Uchino 2006; Umberson
1987). However, not all social relationships encourage healthier behaviors, which may, in
turn, set a negative example and/or promote risky behaviors that may increase poor
physical health outcomes (Uchino 2006). The second major pathway mentioned in
Uchino’s (2006) research involves the psychological processes that social relationships
may be equipped with, such as appraisals, emotions or moods, and feelings of control.
Both pathways of support have frequently been mentioned in health literature to be linked
to physical health outcomes (Uchino 2006). For example, feelings of stress or depression
can adversely influence the practice of health behaviors.

Chen et al. (2018) found that health literacy and social support were positively
related to self-management behaviors in more recent literature. In this same study, it was
also found that social support, health literacy, and marital status were significant

predictors of self-management behaviors (Chen et al. 2018). Marital status has often been
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discussed in the literature regarding health (Lawrence et al. 2019; Liu and Umberson
2008). In general, studies on marital status and health find that married individuals are
said to be healthier and live longer than those who have never married (Lawrence et al.
2019; Lindstrém 2009). As mentioned in the literature, healthier individuals are more
likely to get married and less likely to divorce than those reported as not healthy (Carr
and Springer 2010). One of the most frequent hypotheses regarding the health and
longevity of benefits of marriage is the “buffering hypothesis,” which states that
individuals who have strong social support are more likely to be better at coping with
stress, mitigating its health consequences (Carr and Springer 2010). In addition, married
people are accompanied by greater beneficial health effects, including higher household
income and a greater likelihood of having health insurance (Carr and Springer 2010;
Holt-Lunstad et al. 2015).

An imperative factor in promoting better health due to marriage is the increased
likelihood of having and maintaining health insurance (Robles et al. 2014). One study
found that, on average, Americans are expected to spend at least 10 years without health
insurance during a typical lifetime. Unfortunately, more than 40 percent of these expected
years are spent in less-healthy environments (Kirby and Kaneda 2010).

In 2019, 26.1 million Americans did not have health insurance at any point (CDC
2020b; Gold et al. 2020). Compared to non-Hispanic Whites, African Americans and
individuals of Hispanic origin are less likely to have insurance coverage (Sohn 2017). In
2019, 27 percent of the Hispanic population did not have health insurance, 9.8 percent of

White Americans, 9.5 percent of Asian Americans, and 13.6 percent of Black Americans
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did not have health insurance. Prior literature has identified employment, citizenship,
income, and language as all possible associations for the lack of insurance (Firebaugh and
Acciai 2016; Marshall 2005). Frequent literature has shed light on the common
consequences of being uninsured (Kirby and Kaneda 2010). Specifically, being uninsured
leads to an increase in the likelihood of going without needed medical care, lacking
routine health care visits, and receiving a lower quality of health, which increases poor
health (Hadley 2003; Kirby and Kaneda 2010).

Additionally, being uninsured also contributes to financial threats as it may lead to
a significant burden of debt from unpaid medical expenses (Himmelstein et al. 2005;
Kirby and Kaneda 2010). Uninsured individuals are typically faced with higher health
care expenses when they require health because they are charged at higher rates than
insured patients supported by insurance carriers who negotiate prices on their behalf
(Kirby and Kaneda 2010). Yet, the effects of non-insured individuals hold consequences
met by the entire family when resources are drained from families as a collective result.
Furthermore, communities as a whole are faced with consequences when hospital
emergency rooms and community clinics are overburdened in impoverished communities
with large numbers of uninsured individuals, which in turn, can affect the quality of care
for all community residents (Derlet, Richards, and Kravitz 2001).

Health insurance coverage and access to care have been essential in the wake of
the COVID-19 pandemic (Gangopadhyaya and Garrett 2020). COVID-19 testing is
imperative to the preventative measures of spreading the virus (Gangopadhyaya and

Garrett 2020). While there has been an increase in health programs intended to encourage
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testing, the lack of coverage for other illnesses unrelated to COVID-19 may dissuade
uninsured people with symptoms of the virus from visiting health care providers
(Gangopadhyaya and Garrett 2020). In addition, because the pandemic has led to the loss
of employment, consequences of the failure of insurance are expected to follow and
counteract efforts to contain the virus and improve public health (Gangopadhyaya and
Garrett 2020).
HYPOTHESES

This dissertation first aims to know whether and to what extent concentrated
disadvantages among the counties of three states in the United States, California, Texas,
and New York, may influence COVID-19 confirmed cases. Specifically, concentrated
disadvantages are analyzed at the county level to better understand an increase in health
outcomes based on the compositional makeup of social structural factors. Structural
factors such as unemployment, race/ethnicity, marital status, citizenship, disability, and
other disadvantages have been cited in the literature as influencing health outcomes
(Lewis and Rook 1999; Martin 2009; Umberson 1987). Notably, COVID-19 is a more
recent illness that is still unraveling its overall outcomes. In examining the effects in
which COVID-19 outcomes may be influenced by such factors individually, this study
has reviewed such outcomes using county-level analysis to compare the differences or
similarities in social factors that may result in increased COVID-19 cases and/or deaths
among the counties.

Critically, prior research on health has examined social structures and their effects

on health outcomes. However, only a small area of literature has studied this issue
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through longitudinal data analysis at the county level. In attempting to examine an
exhaustive representation of the United States, three states were selected for further
analysis of two COVID-19 outcomes within their counties; confirmed cases and deaths.
Based on previous research, it was expected that such social factors had an overall effect

on COVID-19 confirmed cases and deaths on a month-to-month basis.
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CHAPTER IV

METHODS

DATA

This chapter explores the five selected databases that were combined to generate
the necessary county-level results for this study, the sampling methods applied to test the
hypotheses, and the selected advanced data analysis strategies used to generate an
adequate discussion of the results.

To address the structural factors and the effects they have on COVID-19
outcomes among three different states beginning in March 2020 through April 2021, this
study utilized five data sources: (1) The U.S Census Bureau (2021b), (2) The New York
State Health Data (2021), (3) The California Open Data Portal (2020), (4) TDHSS (2021)
and (5) The U.S Bureau of Labor Statistics (2021). Using the U.S. Census (2021b) I
retrieved social structural factors associated with all the counties located in one of the
three states: California, Texas, and New York. My study focused on the counties of each
state to explain how structural factors affect COVID-19 outcomes, the number of positive
COVID-19 results, and the number of confirmed deaths due to COVID-19 infection.

The U.S. Census is collected by the United States government to provide facts
and statistics about the American changing population and its economy (U.S. Census
Bureau 2020b). From the U.S. Census Bureau (2021b), I retrieved 11 social structural
variables for my study. For this specific study, I retrieved my data from the designated

“COVID-19 Resource Hub” where information has been allocated for COVID-19
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resource purposes. The allocated COVID-19 Resource Hub is divided into three datasets,
housing demographics, economic variables, and social characteristics. This data source is
imperative to my study as the majority of the independent variables have been accessed
through it.

The outcomes of my study were retrieved from each state’s data source where the
number of COVID-19 positive cases as well confirmed deaths due to COVID-19
infection are reported daily. Using the New York State Health Data, the California Open
Data Portal, and TDHSS, I collected the number of COVID infections as well as the
reported deaths due to COVID-19 daily in each of the counties in New York, in
California, and in Texas, dating back from March 2020. I accessed only the confirmed
positive cases reported on the last day of each month as well as confirmed deaths to
COVID-19 reported on the last day of each month. Together, each of the three states had
two outcomes that were retrieved from their designated data source. The U.S Bureau of
Labor Statistics provides the unemployment rate on a monthly basis per county.
MEASURES
Dependent Variables

The two linear outcome variables in this study are confirmed positive COVID-19
cases and confirmed deaths due to COVID-19. Both outcomes were measured as
time-varying variables. For New York, the dataset used included information on the
number of tests of individuals for COVID-19 infection performed in each of the counties
in the New York State beginning March 1, 2020. The data is updated daily, reflecting

tests completed by 12:00 a.m. eastern time the day of the update. Test counts reflect those
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reported to the Department of Health each day. If a single person takes multiple tests a
day, it will only be reported once. However, if a single person takes multiple tests on
different days, they are each counted as a new case. The New York State Department of
Health as well as institutions of higher education record positive tests via the Electronic
Clinical Laboratory Reporting System. Confirmed deaths were reported as deaths due to
a positive virus test. Likewise, I took the total number of confirmed COVID-19 cases
reported and the total number of confirmed deaths due to COVID-19 reported on the last
day of each month beginning March 2020 to represent confirmed cases and deaths due to
COVID-19 for that specific month for each county in New York. While each day is
recorded in the database, only the last day of each month beginning in March 2020
through April 2021 were included in the study.

For California, confirmed COVID-19 cases were measured as the number of new
lab-confirmed positive cases reported by local health departments each day beginning
March 2020. COVID-19 deaths are also counted based on the cause of death reported on
death certificates. For the case to be considered a death due to COVID-19, COVID-19 to
be the cause of death or at least a contributing factor to the death. For my study, I
retrieved the total number of confirmed COVID-19 cases and confirmed COVID-19
deaths on the last day of each month beginning March 2020 through April 2021 from
each county in California to represent confirmed cases and deaths for the specific month.

For Texas, confirmed COVID-19 cases were measured as any person who had
tested positive through a molecular test that looks for the virus’s genetic material, as

reported to the TDHSS. The TDHSS uses the confirmed case definition adopted by the
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CDC. Confirmed deaths are considered to be deaths for which COVID-19 is listed as a
direct cause of death on the death certificate. A medical certifier, usually a doctor,
determines the cause(s) of death. The TDHSS does not include deaths of people who
have had COVID-19 at some point but died of an unrelated cause. Deaths are reported by
where the person lives as listed on the death certificate. I retrieved the total number of
confirmed COVID-19 cases and confirmed COVID-19 deaths on the last day of each
month beginning March 2020 through April 2021 from each county in Texas to represent
confirmed cases and deaths for the specific month.
Independent Variables

I employed 11 county-level independent variables to measure social structure
factors, 10 time-invariant and one-time varying variables. All social structure variables
are measured as time-invariant variables except unemployment rate. Social structure
factors were retrieved from the U.S. Census Bureau (2021b) and were recorded from
2015 through 2019. Seven sets of these social structural factors include the following.
First, “County population size” is the total number of people living in each county as
recorded by the U.S Census within the past five years divided by the total population.
Second, “Racial/ethnic composition” was examined through the use of three variables:
percentage of Whites (reference), percentage of Blacks, percentage of Hispanics,
percentage of Asians, and percentage of all other groups (Hawaiian, Guamanian,
Samoan, other Pacific Islander, some other race) for each county; each race was taken
into account individually and divided by the total population to accumulate percentages.

Third, “Percent of married couples" was measured by the percentage of married
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individuals who are above the age of 25 for each county multiplied by 100 and divided by
the total number of family households. To examine working conditions, “Occupation”
and “Industry” were examined as independent variables. In the U.S. Census Bureau
(2021b), “Occupation” includes management/business, service occupation, sales and
office, natural resources, production/transportation/material moving occupation;
“Industry” includes agriculture/forestry/fish, construction, manufacturing, wholesale
trade, retail trade, transportation/warehousing, information, insurance/finance,
professional/scientific, educational, arts/entertainment, public administration, and other
services. Fourth, “Percentage of service workers" measured “Occupation” by adding the
total number of reported service workers who are 16 and older and dividing the sum by
the total civilian employed population above the age of 16. Fifth, “Percentage of
transportation/warehouse workers" was employed to measure “Industry” by using the
total number of reported transportation/warehouse workers who are 16 years or older and
dividing the sum by the total number of the reported civilian employed population who
are 16 years or older. Sixth, “Percentage of citizens' ' was measured by taking the total
county population and subtracting the total number of respondents who are not U.S.
citizens, multiplying the sum by 100 and dividing it by the total county population.
Seventh, “Percentage of disability" was measured by the percentage of households with a
reported disability within each county and dividing it by the total county population.
Next, “Insurance” was meaured as the total number of respondents with no health
insurance, multiplied by 100, and dividing the sum by the total population with health

insurance coverage. Next, “Percentage with an associate’s degree or higher” was
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computed for all respondents with an associate’s degree, a bachelor’s degree, and a
graduate or professional degree, the sum was multiplied by 100 and divided by the
population 25 years or older. To examine “female-headed households,” I examined the
female households where no husband is present, multiplied the sum by 100, and divided
the total by total family households. Further, I included the percentage of households that
received food stamps by taking the total number of respondents who reported having
been assisted with food stamp benefits within the last 12 months, multiplied the sum by
100, and divided the total by the total family households. In light of high relationships
found among different social structural factors as indicated by the literature (Martin
2009), I selected reasonable time-invariant variables to be included in an index referred to
as “disadvantage.” The disadvantage index was made up of 6 separate computed
variables: median family income in dollars, percentage with no insurance, percentage of
obtaining at least an associates degree, percentage of female-headed households,
percentage with food stamp benefits within the past 12 months, and percentage of
Hispanics. The disadvantage index has proved to be reliable (Cronbach’s alpha = .841).
Time-Varying Independent Variable

The time-varying independent variable in this study is “monthly unemployment
rate.” Unemployment rate was taken from the U.S. Bureau of Labor Statistics (2021).
The U.S. Bureau of Labor Statistics employs non-survey methodologies for producing
monthly estimates of the civilian labor force, employment, unemployment, and the
unemployment rate for over 7,500 subnational areas. “Monthly unemployment rate” was

measured by the percentage of individuals for each county for each month who do not

57



have a job, have actively looked for work in the prior four weeks, and are currently
available for work, as well as the person who is not working and are waiting to be
recalled to a job from which they have been temporarily been laid off (U.S. Bureau of
Labor Statistics 2020). For each county within the three states, the total number of
unemployed persons each month was retrieved beginning March 2020 until April 2021.
DATA ANALYSIS PROCEDURES

Merging databases

Using county-months as the units of analysis in the present study, I evaluated the
hypothesized model first, with the whole sample including counties of all three states and
then with all counties of each of the three states. To evaluate the moderating role of the
state, I compared the coefficient of each independent variable across the three states.
Upon the completion of merging all 5 datasets on SPSS Windows 25.0, data were
transferred to STATA for further analysis.

Next, I used descriptive statistics to describe all variables included in the study
using SPSS. This dissertation utilized a generalized least squares (GLS) regression model
that accounts for random effects to determine if a county’s social structure factors
(independent variable [IV]) have an association with COVID-19 outcomes (dependent
variable [DV]). Since the variables used for this investigation measured 13 months from
March 2020 to April 2021, the units of analysis of this study were county-months. The
examination of county-level data over time was most appropriate for this study as it

examined the changes during this timeframe as it involves counties. Analyses were first
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conducted for the entire sample including all counties of all three states. GLS was then
applied to explain the COVID-19 outcomes separately for the three states.

I also aimed to evaluate any moderating role that state might have played in the
associations of COVID-19 outcomes with social structural factors by taking steps to
compare (across the three states) the coefficients measured for each IV. To do so, I used
the following procedure: first, I derived a series of interaction terms involving state and
each IV; then, I used GLS regression to perform an analysis on each of the COVID-19
outcomes with all IVs as well as the interaction terms. Significant results of these
interaction terms indicate a significant moderating role of the state in the explanation of
each of the COVID-19 outcomes concerning one of these social structural factors

included in the present study.
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CHAPTER V

RESULTS OF THE STUDY

This chapter provides both descriptive statistics as well as statistical results to the
GLS regression models to evaluate the findings to the hypotheses.

DESCRIPTIVE STATISTICS

The unit of analysis for this study is county-months. There were a total of 374
counties and a total of 13 months included in the analysis. Table 5.1 provides descriptive
findings for the three states examined. First, in counties in California, on average, I found
3 percent of residents are Black, 7 percent are Asian, and less than 1 percent are
identified as other races. When examining married couples, approximately 74 percent of
the counties’ total household residents were reported to be married.

Further, 21 percent of the total population above the age of 16 are considered
service workers. On average, nearly 5 percent of the total population above the age of 16
are transportation workers in California. Other findings indicated that on average, 91
percent of the overall county population in California are citizens. When examining the
disabled population in California, 13 percent of the total county population is considered
to be disabled. Lastly, the level of disadvantage was examined through an index made up
of the overall total median household income, the total percentage of households with

insurance, the total percentage of respondents age 25 or older with an associate degree or
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higher, the total percentage of households without a male present, the total percentage of
households that have received SNAP (Supplemental Nutrition Assistance Program),
better known as food stamps, within the last 12 months, and the total percentage of
Hispanics. According to the findings, in California the median household income is
$76,930, 8 percent of the total household population does not have any type of insurance,
35 percent of its overall population above the age of 25 have an associate degree or
higher, 17 percent of the total percentage of households are identified as female-headed
households, and more than 15 percent are reported to have received food stamps (SNAP)
benefits within the last 12 months. In addition, 30 percent of the county population in
California is Hispanic. The overall county disadvantage level in California is relatively
low. It averages 2.4 standard deviation units below the mean generated by all counties
included in all three states in this study.

For counties in Texas, 6 percent of the total household population are Black, 4
percent are Asian, and less than 0.2 percent of the total household population in Texas are
made up of other races. For married couples in Texas, 76 percent of the total population
above the age of 25 are married. For service workers in counties in Texas, 18 percent of
the total civilian employed population above the age of 16 are considered to be service
workers, and on average, nearly 6 percent of the total civilian employed population above
the age of 16 are considered to be transportation workers. The findings indicate that more
than 93 percent of the total population in Texas are citizens, and on average, more than 15
percent of the total household population are considered to be disabled. Findings used

from items of the disadvantage index indicate that the median household income in Texas
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is approximately $62,397; on average, 3 percent of the total household population does
not have any type of insurance, 11 percent of the total population above the age of 25
were reported to have an associate degree or higher, approximately 3 percent of the total
household population are identified as a female-headed household, and more than 6
percentof the total county population were reported to have received food stamps (SNAP)
benefits within the last 12 months. Additionally, on average, 18 percent of the total
population in Texas are Hispanic. Using the disadvantage index, the county disadvantage
level averages 1.3 standard deviation units above the mean for all counties generated by
the three states.

As shown in Table 5.1, on average, I found that approximately 6 percent of the
total population in New York are Black, 3 percent are Asian, and less than 0.3 percent are
made up of other races. Further, approximately 74 percent of the total population above
the age of 25 in New York counties are married. More than 19 percent of the total
civilian-employed population in New York are considered to be service workers, and on
average, 5 percent of the total civilian-employed population are considered to be
transportation workers in New York. The results indicate that on average, 96 percent of
the total population are citizens, and on average, 14 percent of New York’s total county
population are disabled. Results concerning items of the disadvantage index used to
examine the level of disadvantage show that on average, the median household income in
New York is $75,129. Approximately 6 percent of the total household population in New
York do not have any insurance, on average, 39 percent of the total population above the

age of 25 have at least an associate degree or higher, approximately 18 percent of the
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total household population are identified as female-headed households, 21 percent of the
total household population were reported to have received food stamps (SNAP) benefits
within the past 12 months, and 8 percent of the total population are Hispanic. The results
show that the county disadvantage level averages 3.12 standard deviations below the
mean associated with all counties for all three states.

Table 5.1. Descriptive Statistics for Time-Invariant Variables Separated by State

California Texas New York Total F
Mean SD Mean SD Mean SD Mean SD Sig.
Ln(County Population) 12.0497 1.8497 9.9021 1.7134  11.7159 1.29713 10.5350 1.91066 <.000

Percentage of Blacks 29643 29150  6.1340 6.5532 58116 6.0363  5.5890 6.1374 <.01
Percentage of Asian 7.2069  8.2952 1.0661 1.9936 2.8272 4.0098 23101 4.5461 <.000
Percentage of other 0.0524 0.0400  0.0183 0.0118 0.0246 0.0118  0.0246 0.0225 <.000
Percentage of Married

Couples 747006 4.8863 76.3727 6.5263  74.5143 5.8615 75.8053 6.2324 <.05
Service Worker

Percentage 20.5464 3.6834 183931 4.7553  19.5228 29453 189143 4.4148 <.01
Transportation Worker

Percentage 49088 1.7935 6.0470 2.3398 4.6430 1.5671  5.6377 2.2288 <.000
Percentage of Citizens 90.8813  5.1832 93.3534 6.6729 96.2314 4.6683 93.4472 6.3395 <.000
Disabled Population 13.3304 3.9039 15.6193 55967 14.4307 7.2674 15.0673 5.7407 <.01
Disadvantaged —2.4241 39361 1.3155 4.1431 —3.1217 3.0168 0 43830 <.000

Percentage of Median
Household Income 76.9343  22.1826 —62.3960 13.7325 —75.1281 16.9263 —66.7610 17.0488 <.01

Percentage with no
Insurance 8.5510 29705 21.4252 7.1179 6.0125 2.7821 16.8736 9.0258 <.000

Percentage with
Associates Degree or
higher —35.7929  11.1869 —25.3100 8.1757 —39.2497 8.1794 —29.2460 10.4523 <.000

Percentage of
Female-Headed
Household 17.2016 3.6298 16.9821 5.4723 17.7706 4.9274 17.1469 5.1361 <.05

Percentage with Food
Stamps 15.5589  6.3220 18.1007 8.7390  21.2304 7.5493 18.2254 8.3569 <.01

Percentage of Hispanics 30.3227 18.0572 34.8351 23.2664 7.7652  9.1559  29.6478 22.9934 <.000
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Valid N (listwise) 58 254 62 374

Table 5.2 presents the descriptive statistics for the time-varying variables. For
California, the number of confirmed cases shows a mean monthly count of 168.854 and a
standard deviation of 786.47. Additionally, the number of COVID-19 related deaths in
California shows a mean count of 2.477 per month from March 2020 to April 2021 and a
standard deviation of 13.153. For unemployment in California, findings indicate that the
monthly rate was 11.075 per one thousand persons per month from March 2020 to April
2021. For Texas, the total number of confirmed cases shows a mean count of 726.62 per
month from March 2020 to April 2021 and a standard deviation of 3716.013. The total
number of confirmed deaths in Texas indicates a mean monthly count of 70.6 and a
standard deviation of 299.488. The unemployment rate in Texas averages 4.13 per one
thousand persons per month from March 2020 to April 2021. For New York, findings for
the total number of confirmed cases indicate a mean monthly count of 528.002 and a
standard deviation of 1485.688. When it comes to confirmed deaths, in New York, there
is a mean monthly count of 82 and a standard deviation of 218, and an unemployment
rate of 4.769 per one thousand persons per month from March 2020 to April 2021.

Table 5.2. Descriptive Statistics for Time-Invariant Variables Separated by State

California Texas New York Total F
Mean SD Mean SD Mean SD Mean SD Sig.
Confirmed
Cases 168.854 786.47 726.62 3716.013 528.002 1485.68 607.195 3143.10 <.000
Deaths 2477 13.153 70.615  299.488 81.768 218.539 61.8976 263.646 <.000
Unemployme
nt 11.075 80.471 4.13 1.658 4.769 2.079  4.1307 1.6588 <.000
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RESULTS FOR GLS REGRESSION

Table 5.3 presents results concerning whether and how social structural factors
explain both COVID-19 confirmed cases and deaths among all counties within the three
states. A total of 4,862 (374 counties and 13 months) county months were included in the
final sample in this study. According to the findings on confirmed cases, counties with a
higher level of county population were concluded to have a higher rate of COVID-19
confirmed cases. Further, a higher rate of COVID-19 confirmed cases was found in
counties that were reported to have a higher percentage of racial groups other than White,
Black, Asian, and Hispanic, and a higher percentage of transportation workers. To add,
counties with a higher level of disadvantage on the disadvantage index were indicated to
have a lower rate of COVID-19 confirmed cases. On the other hand, counties that had a
higher percentage of married couples in their households and a higher percentage of
citizens had a lower rate of COVID-19 confirmed cases. Using Texas as the reference
group, the results show that rates of COVID-19 confirmed infection were lower in
California and New York. Next, to take time into account, I included 12 different time
variables in each model. Using March 2020 as the reference group, I found that rates of
COVID-19 confirmed cases were higher each month from April 2020 through March
2021 than in March 2020.

Next, COVID-19 total deaths are also presented in Table 5.3. First, counties with
a higher population were reported to have a higher COVID-19 death rate. Higher death
rates due to COVID-19 were found in counties that were reported to have a higher

percentage of racial groups other than White, Black, Asian and Hispanic, as well as a
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higher percentage of Asians, and a higher percentage of transportation workers.
Interestingly, lower rates of COVID-19 deaths were found in counties with a higher rate
of unemployment. Using Texas as the reference group, the results show that rates of
COVID-19 related deaths were lower in California and New York. Lastly, in comparing
the COVID-19 deaths over time, March 2020 was used as the month of comparison.
Findings presented in Table 5.3 indicate that there were higher rates of COVID-19 deaths
in April 2020 and May 2020, as well as from September 2020 through March 2021, than
there were in March 2020.

Table 5.3. Generalized Least Square Regression Results Explaining COVID-19 Cases
and Deaths for Three States in the United States.

Cases Deaths
Predictors b b
Unemployment —0.062 —0.069  *
Ln(County Population) 615.260 ** 59.868  **
Percentage of Blacks 19.488 0.976
Percentage of Asian —32.348 -4.422 *
Percentage of other 10181.810 ** 891.121 **
Percentage of Married Couples —47.620 ** —2.531
Service Worker Percentage 2.083 0.922
Transportation Worker Percentage 87.375 * 6.176 *
Percentage of Citizens —97.675  ** —8.688  **
Disabled Population 25.264 2.136
Disadvantaged —93.187  ** -3.368
California —2482.182 ** —224.657 **
New York —1385.776 ** —79.364 **
Apr-20 113.518 | ** —8.243 | *
May-20 166.396 | ** —14.085 *
Jun-20 351.105 | ** -12.762
Jul-20 786.009 | ** -1.242
Aug-20 594.917  ** 14.445
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Sep-20 443.978 ** 24.622 | *

Oct-20 490.599 | ** 33.243 | **
Nov-20 448.741 ** 55.689 **
Dec-20 1653.365 | ** 96.208  **
Jan-21 1499.694 | ** 100.197 | **
Feb-21 730.160 | ** 111.901  **
Mar-21 415.036 | ** 129.217 | **
Constant 5687.618 | ** 340914
sigma_u 1808.900 151.239
sigma_e 2168.126 174.103
Interclass Correlation rho 0.410 0.430
Wald chi2 113.920 ** 151.290 | **
N 4861 4861

*p<.05;**p<.01

Table 5.4 shows the results for explaining COVID-19 confirmed positive cases
among all counties in California, Texas, and New York. A total of 754 county-months (13
months and 58 counties) were included in the study for the state of California. I found
higher rates of COVID-19 confirmed cases in counties in California that had a higher
percentage of racial groups other than White, Black, Asian and Hispanic, a higher
percentage of citizens as well a higher percentage of both transportation and service
workers. I also found that counties with a higher percentage of married couples in their
households had a higher rate of COVID-19 confirmed cases. To examine COVID-19
cases overtime from March 2020 to March 2021, I used March 2020 as the reference
group. The rate of COVID-19 confirmed cases was significantly higher from June 2020

through March 2021 as compared to March 2020.
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In addition, many social structures in Texas were found to significantly influence
COVID-19 confirmed cases. According to the findings, there were a total of 3,302
county-months (13 months and 254 counties) included in this study. There was a higher
rate of COVID-19 confirmed cases in counties with a higher percentage of the Asian
population, a higher percentage of transportation workers, and a higher percentage of the
disabled population. On the other hand, counties where there was a higher rate of
unemployment, a higher percentage of married couples in the household, a higher
percentage of service workers, and a higher percentage of the population with citizenship
were associated with a lower rate of COVID-19 confirmed cases. In Texas, more
confirmed cases were found from April 2020 through March 2021 than in March 2020.

For New York, significant findings were also determined when it comes to
structural factors and COVID-19 confirmed cases. There were a total of 806
county-months (13 months and 62 counties) included in this analysis. First, I found a
higher rate of COVID-19 confirmed cases in counties with a higher percentage of the
Asian population, a higher rate of unemployment, and a higher disadvantage level. Lower
rates of COVID-19 confirmed cases were also found in counties with a higher percentage
of the disabled population. From April 2020 through July 2020, there were significantly
lower numbers of confirmed cases than in March 2020 in counties in New York.
However, from September 2020 through March 2021 there were significantly higher
confirmed cases than in March 2020.

To evaluate the complete GLS model, Wald Chi? was used to assess whether the

model significantly increases the predictability of the outcome, and Rho was used to
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determine explained variance of the model. The results show that Wald Chi? was 575.92,
216.2, and 1,109.39 for the COVID-19 confirmed cases model for California, Texas, and
New York, respectively. The significant Wald Chi? results confirmed that the
hypothesized GLS random-effects model, for each state, differed significantly from the
null model (p <.001). The interclass correlation results found in Table 5.4 show that
about 16.2 percent, 37.8 percent, and 60.3 percent of the variance of the COVID-19
confirmed cases outcome were explained by each of the models for California, Texas, and
New York, respectively.

Alongside, I intended to examine the moderating role the state played in the
explanation of each outcome. In doing so, interaction terms were utilized to evaluate
whether the outcome’s associations with specific social structural factors are stronger for
one state than for another.

Using Texas as the reference group, I found a total of 12 significant interactions.
Significant interactions are signified by the bold-faced figures in Table 5.4. The results
show that while the unemployment rate was inversely related to the rate of COVID-19
confirmed cases in Texas, the unemployment rate was positively associated with New
York, and no relationship was found between the unemployment rate and the rate of
COVID-19 confirmed cases in California. The unemployment rate and COVID-19
confirmed cases relationship found in Texas was significantly stronger than in New York
and California. The county population was found to be positively related to COVID-19
confirmed cases for both California and Texas. However, such a relationship was

significantly stronger in Texas than in California. Next, the findings indicate that in
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Texas, the percentage of Asians is positively associated with COVID-19 confirmed cases
and the relationship found in Texas was significantly stronger than in California. No
significant relationship between the percentage of Asians and COVID-19 confirmed
cases were found in California.

Furthermore, the percentage of married couples in county households was found
to be negatively related to COVID-19 confirmed cases in Texas but positively related to
COVID-19 confirmed cases in California. Such a relationship was significantly stronger
in Texas than in California. The percentage of transportation workers was positively
related to COVID-19 confirmed cases in both Texas and California. However, such a
relationship was found to be significantly stronger in Texas than in California. Further,
while the percentage of the population with citizenship was inversely related to the rate of
COVID-19 confirmed cases in Texas, there was not a significant relationship found in
California and the relationship was significantly stronger in Texas than in California. The
percentage of the disabled population was found to be positively related to COVID-19
confirmed cases in Texas. The percentage of disabled population and COVID-19
confirmed cases relationship was found to be significantly stronger in Texas than in
California and New York. Finally, while no statistical significance was found between
disadvantage and COVID-19 cases in Texas, in New York, disadvantage level was
positively associated with COVID-19 confirmed cases. The relationship was significantly

stronger in New York than in Texas.
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Table 5.4. Generalized Least Square Regression Results Explaining COVID-19 Cases for
Three States in the United States.

California Texas New York
Predictors b b b
Unemployment 0.131 —407.238 ** 285.394 **
Ln(County Population) 216.352 ** 804.14 ** -27.115
Percentage of Blacks 1.916 7.262 57.569
Percentage of Asian —4.988 308.88 * 153.537 ***
Percentage of other 698.046 * -8113.832 —10863.49
Percentage of Married Couples 28.54 * —48.746 * 49.184
Service Worker Percentage 27.524 * -51.32 * 10.138
Transportation Worker
Percentage 77.855 * 123.776 * 41.66
Percentage of Citizens —17.844 —89.278 *** -58.125
Disabled Population 15.285 57.471 *** —24.385 *
Disadvantaged 18.217 —24.655 147.573 **
April 2020 4.261 974.606 ** —1255.745 **
May 2020 19.88 1038.705 ** —630.16 *
June 2020 146.068 ** 1239.321 ** —511.247 *
July 2020 90.999 * 1760.68 *** —538.631 *
August 2020 42.562 ** 969.356 *** —78.041
September 2020 31.567 ** 992.012 ** 339.677 ***
October 2020 56.488 ** 897.977 *** 437.242 **
November 2020 189.268 * 832.342 ok 411.306 **
December 2020 1032.321 ** 2384.158 *** 371.55 **
January 2021 245.0282 ** 2448.437 *** 350.732 **
February 1 27.332 *** 1401.026 *** 367.429 **
March 2021 17.194 #%* 853.604 ** 525.747 **
Constant —410.099 ** 4393.584 1350.572
sigma_u 285.456 2003.3519 519.078
sigma_e 646.864 2566.4363 421.24
Interclass Correlation rho 0.162 0.378 0.603
Wald chi? 575.92 216.2 1109.39
N 753 3,302 806

*p<.05;**p<.01

Note: Bold-faced, underlined figures signify significant interaction effects involving ethnicity and the independent
variable.
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Table 5.5 provides the GLS results explaining COVID-19 deaths for California,
Texas, and New York separately. Beginning with California, counties in California with a
higher level of disadvantage were associated with a higher rate of COVID-19 deaths. To
examine COVID-19 related deaths over time, I used March 2020 as the reference. As
indicated in Table 5.5; there were more COVID-19 deaths from June 2020 through March
2021 as compared to March 2020.

For Texas, higher rates of COVID-19 deaths were found in counties to have a
lower rate of unemployment, a lower percentage of service workers, a lower percentage
of the population with citizenship, and a higher percentage of the disabled population.
When examining the COVID-19 deaths rates over time, again, March 2020 was used as
the month of comparison. According to Table 5.5, in counties in Texas, from April 2020
through February 2021 there was a reported higher rate of COVID-19 deaths as
compared to March 2020.

Finally, social-structural factors in New York were analyzed to examine
COVID-19 confirmed deaths. According to the findings, COVID-19 death rates were
higher in counties with a lower rate of unemployment, a higher percentage of
transportation workers, a lower percentage of citizens, and a higher level of disadvantage.
Furthermore, COVID-19 deaths over time were examined by using March 2020 as the
month of comparison. Each month from April 2020 through March 2021 had a higher
percentage of COVID-19 deaths than in March 2020 with few exceptions. In September
2020 and October 2020. In addition, rates of COVID-19 related deaths were comparable

in March 2020 and in November 2020.
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Using Texas as the reference group, I found a total of seven significant interaction
terms for COVID-19 death rates. Significant interactions are signified by the bold-faced
figures in Table 5.5. The results show that although unemployment was inversely related
to COVID-19 death rates in Texas; there was no significant relationship between the
unemployment rate and COVID-19 related death rate in California. The relationship
between unemployment and COVID-19 deaths was significantly stronger for Texas than
in California. The county population was positively related to COVID-19 death rates in
Texas but significant results were not found in California. Such a relationship was
significantly stronger in Texas than in California. Moreover, service workers were
inversely related to COVID-19 deaths in Texas while the relationship was not significant
in California. The percentage of transportation workers was not significantly related to
COVID-19 death rates in Texas, yet, the relationship was significantly related to
COVID-19 death rates in New York. Such a relationship was significantly stronger in
New York than in Texas. The percentage of the population with citizenship was inversely
related to COVID-19 death rates in Texas but there was no significant relationship
between citizenship and COVID-19 death rates in California. Such a relationship was
stronger in Texas than in California.

Table 5.5. Generalized Least Square Regression Results Explaining COVID-19 Deaths
for Three States in the United States.

California Texas New York
Predictors b b b
Unemployment —0.001 -51.728 ok -76.774 oAk
Ln(County Population) 3.423 89.166 Rk 76.014 **
Percentage of Blacks 0.125 -0.451 6.038
Percentage of Asian -.156 14.176 3.646
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Percentage of other 8.089 —1405.500 —1736.122

Percentage of Married

Couples 0.294 -1.568 5.438

Service Worker

Percentage 0.514 -5.190 * 1.152
Transportation Worker

Percentage 1.429 7.309 26.675 oAk
Percentage of Citizens —-0.400 —7.550 HAK —18.108 *ok
Disabled Population 0.341 4.709 HAK —2.836
Disadvantaged 0.089 ** 7.440 14.683 *
April 2020 1.318 115.896 *E 362.849 ok
May 2020 0.265 121.815 ** 178.493 ok
June 2020 1.367 *xE 120.544 ** 151.493 ok
July 2020 2314 HHE 120.434 *x 163.362 ok
August 2020 0.295 HHE 77.850 ok 41.585 K
September 2020 1.367 *xE 121.242 Hrx —60.701 ok
October 2020 0.587 *xE 110.589 Rk —69.578 ok
November 2020 0.206 HHE 127.615 Rk 23.402

December 2020 7.553 HHE 149.360 ok 187.981 ook
January 2021 5.565 *xE 201.902 Hxx 97.841 ok
February 2021 4.115 *xE 234.324 Rk 72.772 ok
March 2021 2.380 HHE 241.212 82.567 ok
Constant —48.051 HHE 73.312 737.192

sigma_u 6.946 170.173 49.736

sigma_e 10.524 191.081 131.429

Interclass Correlation tho  0.303 0.442 0.125

Wald chi? 111.91 207.85 1257.59

N 753 3302 806

*p<.05;**p<.01

Note: Bold-faced, underlined figures signify significant interaction effects involving ethnicity and the independent
variable.
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CHAPTER V

DISCUSSION

This study aimed to gain an empirical understanding of the role that social
structures may play in health, mainly COVID-19. In doing so, this study aimed at
contributing to the literature on Fundamental Cause Theory and Social Disorganization
Theory. Three research questions guided this study: (1) how structural factors on the
county-level influence, if at all, COVID-19 confirmed cases among three states in the
United States, (2) how structural factors on the county-level influence, if at all,
COVID-19 deaths in each of the three states (Texas, New York, and California) in the
United States, each being located in distinct geographic locations from each other, and
(3) whether state play a moderating role in social structures and COVID-19 health
outcomes.

This chapter reviews the three most significant contributions to the literature by
providing insight into the findings consistent with the two theories used to develop the
explanatory model for the study. There are three significant implications from this study
that are worthy of further discussion. This dissertation’s first implication provides insight
into whether and how the social structural factors used in this study help explain the
COVID-19 outcomes in this country. By doing so, 11 main social structural factors were
assessed to better understand the COVID-19 health outcomes. These structural factors
were derived from two theories: Fundamental Cause Theory and Social Disorganization

Theory. In addition, the findings contribute to the two theories that guide the model of
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this study. Discussion on how the findings contribute to the literature on Fundamental
Cause Theory and Social Disorganization Theory is raised.

Second, a significant contribution of this study includes examining the unique
patterns of social structural factors that may explain each of the two COVID-19 outcomes
for each of the three states. Intentionally, I chose three states that (1) had a higher
population density, as compared to other states in the United States, (2) are located in
very different geographic areas that are apart from each other, and (3) the racial and
ethnic makeup of the three states are diverse. According to the World Population Review
(2021a), California is the most diverse state in the United States, followed by Texas as
second, and New York was ranked the fifth most diverse state. Considering these three
components in selecting the states in the examination allowed for discussion of the
differences and similarities among the three states regarding social, political, and
economic standing that could explain the outcomes presented.

The third implication of the results furthers the understanding of the role of the
state in moderating COVID-19 outcomes’ associations with each of the included social
structural factors. By applying the use of statistical interactions, this dissertation provides
insight into how the relationship between each of the outcomes and each of the structural
factors behave differently across all three states to be able to initiate a comparable
analysis.

IMPLICATION 1
First, this study aimed to examine whether and how social structural factors help

explain COVID-19 outcomes in this country. This was done by examining three states all
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together and how county-level social structural factors explain COVID-19 outcomes
overall. In doing so, the findings indicated higher rates of COVID-19 confirmed cases in
counties with a higher county population, a higher percentage of other racial groups other
than Whites, Blacks, Asians, and Hispanics, and a higher percentage of transportation
workers. However, lower rates of COVID-19 confirmed cases emerged in counties with a
higher percentage of married households, a higher percentage of citizens, and higher
levels of disadvantage. For deaths, findings identified there were higher rates of
COVID-19 deaths in counties with higher populations, a higher percentage of racial
groups other than Whites, Blacks, Asians, and Hispanics, a higher percentage of
transportation workers. Counties with lower rates of COVID-19 deaths were found in
counties that had lower unemployment rates, a lower percentage of Asians, and a lower
percentage of citizens. Possible explanations for these findings are discussed.

As stated in Table 5.3, among the three states included in the study, counties with
a higher unemployment rate were found to have a lower rate of COVID-19 deaths.
Typically in the literature, unemployment is an indicator of lower SES (Cockerham 2017;
Link and Phelan 1995; Phelan and Link 2013). Yet, this was not found to be true when
examining COVID-19 confirmed cases and outcomes overall. The findings are
inconsistent with the literature regarding unemployment and health outcomes (Kerns et
al. 2020; Link and Phelan 2010; Parola and Marcionetti 2021; Vancea and Utzet 2017).
Since COVID-19 is an infectious disease that can be spread through physical contact
(CDC 2021), unemployment during the surge of this illness was found to decrease death

rates. Parola and Marcionetti (2021) found that persons who worked from home were less
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likely to contract the virus and had lower rates of mortality. That said, the ability to
remain away from public spaces increased better health outcomes throughout the
quarantine (Parola and Marcionetti 2021). This being the case, it is possible that
unemployment had a similar effect. While unemployment differs from remote working
through financial means, much of the unemployment rate throughout the pandemic
increased due to governed mandates requiring businesses to close with the hopes that less
physical interaction would prevent the continued spread of the virus and improve overall
health outcomes through a decrease in physical contact. For Phelan and Link (2013),
financial capital was a key component to positive health outcomes. Yet, the results
indicate that in the matter of COVID-19 and its unique circumstances, that may not
necessarily be the case. Instead, the findings indicated that limited proximity to others
due to unemployment, exceeds income factors with a rapid infectious disease like
COVID-19.

Moreover, Table 5.3 indicates that the county population is an essential factor in
explaining COVID-19 confirmed cases and deaths. Counties with a higher population
were found to have a higher rate of COVID-19 confirmed cases and deaths. This finding
is consistent with the literature on population density and poor health outcomes (Mays et
al. 2004). As stated by Sampson and Groves (1989), population density decreases
collective efficacy, increasing the crime rate. For health in particular, according to the
literature, areas that are considered to be more populous and crowded tend to be in lower

socioeconomic communities (Mays et al. 2004). Thus, it is likely that such areas may
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increase physical contact, increasing the likelihood of contracting the virus and leading to
death.

In addition, overall, racial composition was a significant factor in COVID-19
deaths only. As seen in Table 5.3, counties with a higher percentage of Asians had lower
rates of COVID-19 deaths overall. These interesting findings point to the differences in
racial and ethnic composition and their effects on health outcomes. Frequent literature on
health has indicated that the Asian population is often faced with perceived
discrimination and is challenged with unique health outcomes (Hahm et al. 2010). For
illnesses such as diabetes, cancer, and high blood pressure (Mui et al. 2017), consistent
findings indicate that Asian Americans are burdened with disparities that are often
overlooked (Mui et al. 2017). One main reason is due to heterogeneity of subethnic
groups within the Asian community, often masking differences in the prevalence and risk
of chronic health conditions among Asian Americans (Hastings et al. 2015). Yet, the
findings indicate that the counties with higher rates of Asians have lower rates of
COVID-19 deaths. Like past findings on Asian populations and health have indicated, it
is possible that heterogeneity within Asian subgroups can present a misleading depiction
of how the pandemic is affecting the Asian population.

On the other hand, the results showed that in counties with a higher percentage of
racial groups other than White, Black, Asian and Hispanic, there were higher rates of
COVID-19 confirmed cases and deaths. To measure other racial groups in the study, I
included Hawaiian, Guamanian, Samoan, other Pacific Islander, and reported it as “some

other group.” According to the literature, these racial groups are some of the groups
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considered to be Indigenous (Gracey and King 2009; Lavellee and Poole 2010). The
literature has stated that Indigenous persons and members of many ethnic minority
groups share common challenges (Lavallee and Poole 2010; Peiris, Brown and Cass
2008). These include a shared history of exclusion and discrimination and a greater
likelihood of living in poverty (Peiris et al. 2008). Additionally, both ethnic minorities
and Indigenous groups are challenged with lower levels of education and poor health
(Jacklin et al. 2017).

For percentages of married households, the results show that counties with a
higher percentage of married households had lower rates of COVID-19 cases. These
findings raise discussion on social support and health outcomes. This finding was
consistent with the argument Fundamental Cause Theory maintains regarding social
support. According to the literature on social support (Hatzenbuehler, Phelan, and Link
2013; Sherbourne and Hays 1990), married persons tend to be healthier physically and
mentally than unmarried persons. Another study stated that support, such as marriage,
can be beneficial since it may improve psychological well-being (de Brito et al. 2017).
Therefore, COVID-19 resourcefulness may explain the positive relationship between
COVID-19 outcomes and the percentage of the married population. Specifically,
marriage can increase the likelihood of access to insurance and other resources that could
improve health (de Brito et al. 2017; El-Zoghby, Soltan, and Salama 2020).

Other significant findings in the overall model pertain to occupation. While there
is no relationship between the percentage of service workers and the county’s overall

COVID-19 outcomes, the findings suggest that counties with a higher percentage of
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transportation workers were reported to have higher rates of both COVID-19 confirmed
cases and deaths. Medical literature has frequently mentioned that occupation can
influence health outcomes due to the health risks that may be associated with the job
description (Tannis et al. 2020). With COVID-19, much of the influx of cases were found
in jobs that required a high volume of physical contact and occupations that were
considered “essential” during the quarantine mandate and required their employees to
continue to work (CDC 2021a). Findings on the top occupations to have an increase in
COVID-19 cases were service workers and transportation workers (CDC 2021b).
According to Fundamental Cause Theory, it is stated that fundamental social causes
include having limited access to resources that may otherwise allow for the prevention of
risk factors and/or minimize consequences of disease (Phelan and Link 2013). Therefore,
it is arguable that the risk from physical contact associated with jobs such as
transportation workers increases the likelihood of contracting and spreading the virus.
Moreover, findings regarding citizenship within the three states indicated that
there were lower rates of COVID-19 confirmed cases and deaths in counties with higher
percentages of citizens. These interesting findings may be explained by reviewing the
literature regarding non-citizens within these three states. California is recognized as the
home of the largest number of immigrants in the United States (American Immigration
Council 2020). Immigrants in California now make up one-quarter of the state’s
population and comprise one-third of the entire labor force (6.6 million), specifically in
farming and industry (American Immigration Council 2020). In Texas, immigrants

account for one-sixth of the overall population (American Immigration Council 2021). In
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2018, Texas was home to 4.9 million immigrants, also playing an integral part of the
Texas workforce, with the majority working in labor forces such as construction,
transportation, and food preparation (U.S. Census Bureau 2021d). For New York,
immigrants account for nearly one-quarter of the state’s total population and one-fourth
of its labor force (2.8 million). According to the U.S. Census Bureau (2021b), immigrant
workers were most numerous in healthcare, food services, retail and transportation, and
warehousing. Together, all three states make up a vast majority of the country’s overall
immigrant population, most of which labor in industries is considered “essential.”
Arguably, explaining the decrease in COVID-19 poor outcomes among citizens.

The final structural factor found to be significant in the overall model examining
all three states is the level of disadvantage. Unexpectedly, the results indicate that
counties with a higher level of disadvantage were reported to have lower rates of
COVID-19 confirmed cases. The disadvantage index was made up of 6 variables that the
literature typically borrows as a way of measuring disadvantage (Kotlaja 2020; Sampson
and Groves 1989); total percentage of median household income, total percentage of the
county population with no insurance, total percentage of the population above the age of
25 with at least an associate degree, percentage of female-headed households, total
percentage of the population that has received food stamp benefits, and the total
percentage of the population who are Hispanic. The findings were not consistent with
past medical illnesses in the literature (Cockerham 2017; Rydland, Solheim, and Eikemo
2020 ). According to the literature on health disparities, it was determined that poverty

level was found to be a consistent indicator of poor health outcomes. Specifically, lower
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SES households were more likely to face health challenges, such as heart disease,
diabetes, cancer, and less likely to have the adequate resources to address health matters
(Cockerham 2017; Mirowsky and Ross 2015). Yet, the results indicate that this may not
be the case when discussing COVID-19 outcomes. Therefore, further research must be
considered to examine the differences between this illness and other illnesses that may
bring such unique results.

Lastly, I examined COVID-19 confirmed cases and deaths within a year's time
frame. In doing so, I retrieved cases beginning in March of 2020. According to the CDC
(2021a), the first cases in the United States were reported at the beginning of 2020. By
March 2020, the virus was officially recognized as a worldwide pandemic (CDC 2021a),
marking the beginning of mandates restricting traveling, schooling, working, and
requiring the use of masks in all public settings (CDC 2021a). However, at the beginning
of 2021 vaccine distribution aimed to end the virus’s spread (AJMC Staff 2021). By
March 2021, more than 93.6 million vaccine doses had been administered (AJMC Staff
2021). During this period, developments continued, with some states lifting mandates and
allowing for 50—-100 percent capacity in public businesses. From the findings regarding
the development of the virus over time mentioned in Table 5.3, two main findings
emerged that allow for discussion regarding Fundamental Cause Theory. First, using
March 2020 as the month of reference, there were higher rates of COVID-19 confirmed
cases every month beginning in April 2020 through March 2021.

Additionally, using March 2020 as the month of reference, there were lower rates

of COVID-19 deaths in April 2020 and May 2020, yet, from September 2020 through
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March 2021, the COVID-19 death rates surpassed the rates in March of 2020 after
controlling for all social structural factors. Although the increase in the distribution of
vaccination did not occur until February 2021 (AJMC Staff 2021), many mandates were
implemented to prevent the spread of the virus, yet, the results did not determine a
decline in confirmed cases nor deaths. Phelan and Link (2013) described that lack of
knowledge and understanding often results in poor health consequences. Due to the
limited information being disseminated, it is possible that it could have prevented better
health outcomes immediately after vaccination.
IMPLICATION 2
Expected results confirm both theories about structural disadvantages, even in

the matter of an illness that has developed within a short timeframe. The results were
unique in examining social structural factors to explain COVID-19 outcomes in each of
the three states individually. In doing so, they can get a more clear depiction of the most
significant social structures within each state that could assist in explaining COVID-19
outcomes. According to the findings, each model was found to have specific factors that
contributed to the COVID-19 effects reported in that state. Specifically, some social
structural factors were found to be more relevant to COVID-19 outcomes in one state
than another.

For California, many significant findings emerged. Important social structures
included unemployment, county population, racial composition, percentage of married
households, percentage of service workers, percentage of transportation workers, and

county level of disadvantage. The findings in California indicated that county population
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was a factor in explaining COVID-19 confirmed cases, yet it was not significant when
attempting to explain death. Many reasons may explain these findings. California has a
unique geographic location that must be taken into consideration. According to the World
Population Review (2021c), California is one of the most populous states in the United
States. In addition, it is considered one of the top diverse states with a variety of cultures,
economies, ethnicities, and political standings (World Population Review 2021¢).
Counties on the northside of California were republican in the 2020 election, where
millions of immigrants reside (Public Policy Institute of California [PPIC] 2021a). In the
rural north, Lassen County, the county with the widest margin of residents who voted for
Trump in 2020 in the United States, public health measures like mask-wearing are not as
likely (PPIC 2021a). Generally, residents of rural areas are more likely to have a higher
prevalence of chronic illness, smoking, and obesity, which could increase the
susceptibility of COVID-19 (Hartley 2004). However, the overall resources and health
care facilities may help avoid having these confirmed cases become deaths.

Further, the racial composition was only a significant factor when explaining
COVID-19 confirmed cases; however, there was no significance when attempting to
explain death. Specifically, counties with a higher percentage of other racial groups
besides Whites, Blacks, Asians, and Hispanics, were found to have higher rates of
COVID-19 confirmed cases. As mentioned previously, California is recognized as a top
state in diversity (World Population Review 2021c). Located in a region in the United
States where migration is frequent, it is home to large tribal communities and other

Indigenous people (World Population Review 2021c). This, along with the jobs these
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racial groups are likely to occupy, may explain these findings. California is a hub for
millions who labor in farms, meatpacking plants, and other food processing facilities
where countless migrant workers of color are exposed to COVID-19 at rates higher than
those who could work from home (U.S. Census Bureau 2021Db).

Similar findings were found to be true for the percentage of married households,
total percentage of service workers, and total percentage of transportation workers, all of
which were factors that were significant in explaining the outcome of confirmed
COVID-19 cases.

Interestingly, none of those factors contributed to explaining COVID-19 death
rates. Social Disorganization Theory argues that structurally disadvantaged
neighborhoods are often characterized by extreme levels of poverty such as low-income
households, single-parent households, racial and ethnic heterogeneity, and residential
mobility, and each are likely to lead to higher rates of crime (Bursik and Grasmick 1993;
Weisburd, Groff, and Yang 2014). The only factor that played an imperative role in
explaining COVID-19 death rates was the level of disadvantage. The disadvantage index
consists of six indicators intended to measure poverty. Thus, arguably, counties with an
increased poverty level have a higher rate of COVID-19 death rates. Similar to the
argument made by Social Disorganization Theory, these findings point to how significant
the role of structural disadvantage may contribute to overall outcomes in both health and
crime. According to the PPIC (2021b) the California Poverty Measure (CPM) indicates
that more than a third of Californians live in or near poverty. In California, poverty

remains higher among children, seniors, Latinos, and less-educated adults (PPIC 2021a).
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For Texas, several social structural factors were found to be significant in
explaining COVID-19 confirmed cases and deaths. The model explaining COVID-19
health outcomes for Texas includes structural factors such as unemployment, county
population, racial composition, percentage of married households, percentage of service
workers, percentage of transportation workers, total percentage of citizens, and
percentage of the disabled population. While several structural factors significantly
explain COVID-19 outcomes in Texas, they do so in a unique manner. For example, in
Texas, unemployment had a significant inverse negative relationship for COVID-19
confirmed cases and deaths. According to the CDC (2020b), by March 2020, the number
of Texans filing for unemployment jumped by 860 percent due to the pandemic. Thus, a
vast majority of Texans were no longer at risk of physical contact, which may have
helped with the health outcomes.

Interestingly, findings present that the percentage of service workers had a
significant negative relationship to COVID-19 confirmed cases and deaths. This suggests
that counties with a higher percentage of service workers were found to have lower rates
of COVID-19 confirmed cases and deaths. However, unexpected findings indicate a
significant positive relationship among counties with a higher percentage of
transportation workers. These unexpected findings raise the discussion on whether the
type of occupation may play a role in health outcomes. According to the Texas Workforce
Commission (2021), service workers had a decline in unemployment during the
pandemic, which led many laborers within these occupations to be home and away from

the risk of contracting the virus. However, the unemployment rate remained consistent
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for transportation workers as many transportation occupations were considered
“essential,” potentially leading to poor COVID-19 health outcomes (Texas Workforce
Commission 2021).

Other findings point to how citizenship explains COVID-19 outcomes in Texas.
The results state that there were lower rates of COVID-19 confirmed cases and deaths in
counties with a higher percentage of citizens. This is consistent with the literature on
citizenship and health. Citizenship reflects a privileged position in the United States. and
allows more access to resources such as a higher likelihood of financial capital and
insurance (CDC 2021c).

Lastly, there was a positive relationship between the disabled population and
COVID-19 confirmed cases and deaths. Counties with a higher rate of the disabled
population had higher rates of COVID-19 cases and deaths. This is consistent with the
literature that argues that this population is subject to an increase in health disparities due
to their social standing, particularly SES, and their increased risk of being subjected to
contracting the virus because of close physical contact due to their likelihood of living in
congregate residential settings and/or residing with others who could assist with needs
(Rotarou et al. 2021). According to Fundamental Cause Theory, low SES results in poor
health outcomes due to the lack of resources, knowledge and limited resources that could
increase risk factors. This may be the case for the disabled population in Texas that tends
to have higher rates of COVID-19 cases and deaths.

In New York, several social structural factors require further elaboration.

Significant social structural factors that explained COVID-19 confirmed cases and deaths
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included unemployment, racial composition, percentage of transportation workers,
percentage of citizens, disabled population, and level of disadvantage. For New York,
counties with a higher unemployment rate were found to have a higher rate of COVID-19
confirmed cases. However, in counties with a higher rate of unemployment there were
lower rates of COVID-19 deaths. This opposite effect indicates that unemployment does
not have the same impact on the possibility of contracting the virus as it does when
mortality is discussed. However, this may point to the geographical position of the state
itself. In particular, New York has the most crowded city in the United States, New York
City (World Population Review 2021b). The population density could contribute to the
increased confirmed cases found to be significant within counties with a higher
unemployment rate. Yet, when examining deaths in New York, counties with a higher
unemployment rate had lower rates of COVID-19 death. These findings may be due to
the increased resources and health care facilities found in New York, leading to lower
death rates.

Other interesting findings involve racial composition. According to the results in
the study, none of the racial groups examined were found to be significant factors in
explaining COVID-19 health outcomes in New York except counties with a reported
higher percentage of Asians who were found to have higher rates of COVID-19
confirmed cases. This reasoning is uncertain yet raises questions regarding the access, or
lack thereof, to resources that increase the possibility of contracting the virus within
select racial groups. Interestingly, when examining the disabled population, it was

determined that counties with a higher percentage of the disabled population had lower
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rates of COVID-19 confirmed cases. This unexpected finding contradicts the literature on
disability and health disparities (Reichard, Stolzle, and Fox 2011). Frequent literature has
stated that disabled populations have a higher prevalence of becoming ill from chronic
and infectious diseases due to their proximity with others and their increased likelihood
of being socially and economically disadvantaged (Reichard et al. 2011). However, the
findings prove that that may not always be the case, specifically when attempting to
explain COVID-19 outcomes in New York. This furthers the discussion that COVID-19
may be unique in its effects on marginalized communities as compared to health
outcomes in other illnesses and diseases.

Lastly, consistent with the literature, counties with higher levels of disadvantage
were found to have higher rates of COVID-19 confirmed cases and deaths. As mentioned
in Social Disorganization Theory (Samson and Groves 1989), neighborhoods with
extreme levels of poverty have an expected higher rate of crime, mainly due to the
increase in disorganization. Geographically, as mentioned previously, New York’s
population density exceeds any state in the United States (World Population Review
2021b), increasing its probability of disorganization, as stated in Social Disorganization
Theory (Samson and Groves 1989). Thus, maintaining that nested poverty may increase
health disparities within those concentrated poverty areas (Cantillon, Davidson, and
Schweitzer 2003; Kingston, Huizinga, and Elliot 2009)

IMPLICATION 3
Implication 3 provides an outlook on the geographical, political, economic, and

social differences that each state may have, affecting the social structural factors’
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involvement in explaining the COVID-19 health outcomes. Using the same measures,
social structures proved to have operated uniquely in different states when examining a
timely health matter. In reviewing the moderating role that state played in each
COVID-19 outcome’s association with social structural factors, I compared the
relationship between each of the COVID-19 outcomes and every social structural factor
across the three states. As shown in Tables 5.4 and 5.5, many COVID-19 outcomes’
associations with several predictors differ across the three states.

The unemployment rate did not have the same effect on COVID-19 outcomes
across all three states. While the unemployment rate was not found to be significant in
California, for Texas, there was an inverse relationship between the unemployment rate
and COVID-19 confirmed cases and deaths. In other words, in Texas counties where
there was a higher rate of unemployment, there were lower rates of COVID-19 confirmed
cases. However, in New York, there was a positive relationship between the
unemployment rate and COVID-19 confirmed cases and deaths. Thus, counties with a
higher unemployment rate were found to have higher rates of COVID-19 confirmed
cases. To explain these findings, I examined each state’s political standing that could
explain these results. First, as mentioned previously, in Texas, the decrease in
employment that occurred throughout the pandemic had a positive effect on health
outcomes, which may be due to the limited physical contact that being at home allowed
for.

Throughout the pandemic, many concerns in Texas derived from the push back

on mask-wearing and individual rights to choose to wear them (Markowitz 2021).
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According to one study (Markowitz 2021), Texans wear masks at lower rates than the
national average. In this study, it was determined that 63 percent of Texans indicated that
they “always” or “often always” wear masks, while the national average indicates 67
percent report “always” or “often always” wearing masks (Markowitz 2021). Texans
were found to wear masks far less than people residing in larger states, including Florida
(71 percent), California (84 percent), and New York (85 percent). To add, in Texas state
surveys found that 22 percent of Texans believed mask-wearing is not important in
restaurants, 18 percent say that mask-wearing in bars is not important, and 13 percent
believed that mask-wearing in stores and malls is not important (Markowitz 2021).

On the other hand, for New York, results were consistent with past findings
regarding other health illnesses and unemployment. These same matters may explain
other significant findings in this study. For example, the county population was positively
related to COVID-19 confirmed cases in Texas and New York, yet, the effect county
population had on COVID-19 confirmed cases was much stronger in Texas. This finding
may result from the political standing each state is met with, including survey findings
that indicated that Texans believed wearing masks was less important than residents in
California believed (Markowitz 2021). Considering that the primary route of COVID-19
transmission is via respiratory droplets (Howard et al. 2021), research suggests that
wearing masks reduces transmissibility and is most effective at reducing the spread of the
virus (Howard et al. 2021).

Additionally, similar findings emerged when examining the role of social support,

as measured through the percentage of married households, provides a significant
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difference between California and Texas when reviewing the rate of COVID-19
confirmed cases. In California, counties with a higher percentage of married households
had a higher rate of COVID-19 confirmed cases. However, in Texas, counties with a
higher percentage of married households were found to have a lower rate of COVID-19
confirmed cases. There are several reasons as to why these discrepancies may emerge.
Literature often uses marriage as a means to measure social support and is likely to result
in better health outcomes due to a higher household income, better access to health
insurance, and overall more access to resources that could prevent the risk of illnesses
(Lawrence et al. 2019).

Other interesting findings include how unique each social factor operates in
explaining COVID-19 outcomes within the disabled population in each state. In
particular, the results show that the impact of the percentage of the disabled population on
COVID-19 outcomes was different for Texas and New York. In Texas, counties with a
higher percentage of the disabled population had to have a higher rate of COVID-19
confirmed cases. In New York, the opposite applied—in counties with a higher percentage
of disabled populations, there were lower rates of COVID-19 confirmed cases. According
to a study by Syracuse University (2020), individuals with intellectual and developmental
disabilities may be at a higher risk of poor COVID-19 health outcomes for three main
reasons: 1) individuals with an intellectual and developmental disability are typically
more likely to be a socially disadvantaged population that tend to experience higher levels
of health disparities (Goggin and Ellis 2020; Rotarou et al. 2021; 2) individuals with

intellectual and developmental disabilities have a higher prevalence of
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illnesses such as pneumonia, which is a respiratory infection identified as possibly
increasing the likelihood of COVID-19 infection as well as severe outcomes (Goggin and
Ellis 2020); and 3) individuals who with an intellectual and developmental disability are
more likely to reside in congregate settings that may present challenges to physically
distance and prevent the spread of the virus (Goggin and Ellis 2020; Rotarou et al. 202).
Thus, according to the findings, for COVID-19, there are significant findings to the
outcomes among disabled populations compared to past illnesses. While Fundamental
Cause Theory and Social Disorganization both argue that marginalized populations face
higher rates of disparities, whether through health or crime, the results suggest that for
COVID-19 outcomes among this population, this does not hold. It is possible that
because of the uniqueness of the virus and it being an infectious disease rather than a
chronic disease, as much of the past literature notes, disabled communities are not
affected in the same way.

Lastly, the effects of level of disadvantage on COVID-19 health outcomes within
the three states differ significantly. Specifically, in New York, the level of disadvantage
has a positive association to COVID-19 confirmed cases while no relationship was
recorded between disadvantage age level and COVID-19 confirmed cases. In addition,
for New York, this structural factor has a stronger effect in explaining COVID-19
confirmed cases than for Texas. Economic positions may explain these findings.
According to the U.S Census Bureau (2021c¢), in 2019, 16 percent of New York’s

population lived below the poverty line, while only 13.6 percent of Texas’
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population lived below the poverty line (U.S. Census Bureau 2021c). The state as a
whole may be an important environment that can endorse significant preventative
measures to help residents with poor health outcomes regardless of SES. For New York,
the better control of the virus could essentially point to the disadvantages that may
surface as more important factors in explaining confirmed cases. In Texas, the relatively
less control and preventative measures imposed by the state may increase a residents’
risks for COVID-19 and reduce the negative impact of disadvantage on specific illnesses.
SUMMARY

This dissertation attempted to address whether and if so, how social structural
factors affect COVID-19 confirmed cases and death rates on the county level in three
states in the United States. In doing so, I examined California, Texas, and New York. My
model was based on two theories concerning the importance of social structures:
Fundamental Cause Theory and Social Disorganization Theory. In the present study, such
social structural factors include unemployment, county population, racial composition,
percentage of service workers and transportation workers, percentage of citizens,
percentage of the disabled population, and county level of disadvantage.

The overall results indicate that while many social structural factors influence the
infectious disease COVID-19, the ways they influence each state’s outcomes differ. First,
overall among all three states, unemployment was found to be a significant factor in
explaining COVID-19 death rates. Furthermore, among all three states I found higher
rates of confirmed COVID-19 cases in counties with a larger county population and with

a higher percentage of racial groups other than White, Black, Asians, and Hispanic.
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When examining the death rate among all three states, I found the same significant results
for county population and racial composition for COVID-19 confirmed cases. To add to
these findings, counties with a higher percentage of Asians had lower rates of death.

Further results indicate that counties with a higher percentage of married
households and a higher level of disadvantage had lower rates of COVID-19 confirmed
cases. In counties with a higher percentage of transportation workers, there was a higher
rate of COVID-19 confirmed cases and deaths. Additionally, citizenship was found to be
a significant factor in explaining rates of COVID-19 confirmed cases and deaths through
the positive relationship between the percentage of citizens and COVID-19 confirmed
cases and deaths.

Ultimately, many of these findings are consistent with the literature regarding
health disparities indicating that disadvantaged communities are at higher risk of poor
health outcomes. In addition, results confirmed both frameworks regarding the
importance of social structures factors in explaining health and illness as illustrated by
the two theories used in this study. Fundamental Cause Theory emphasized how health is
a socioeconomic matter that reproduces itself through mechanisms such as the lack of
financial means, knowledge, and resources that are dispersed based on socioeconomic
status (Phelan and Link 2013). The findings brought to light the imperative role that
social structures play in such outcomes, indicating that social structures should not be
taken lightly.

When taking social structures into consideration, the findings shed light on the

roles that the state plays in these health outcomes. In short, many of the social structures
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that explained COVID-19 confirmed cases and/or deaths in one state may not explain
COVID-19 confirmed cases and/or deaths in another state. For example, counties with
lower rates of unemployment had lower rates of COVID-19 confirmed cases and deaths,
while in New York, counties with higher rates of unemployment had higher rates of
COVID-19 confirmed cases yet lower rates of COVID-19 deaths. In addition, the effect
unemployment had in explaining COVID-19 outcomes was much more robust in Texas
than in New York. These findings raise questions regarding other mechanisms
contributing to the current health matter and even health disparities altogether. Such
mechanisms could include: geographical location as accounting for high tourism and
migration; state political views as influencing the ways through which citizens receive the
mandates that could affect COVID-19 health outcomes; and economic standing as
impacting resources and resulting in disadvantaged communities. In addition, this study
examined the development of the COVID-19 virus over time. Using March 2020 as the
month of comparison, the findings indicated differences in outcomes on a
month-to-month basis. Compared to March 2020, in California, most months had higher
rates of COVID-19 confirmed cases and deaths. In Texas, every month had a higher rate
of COVID-19 confirmed cases and deaths than in March 2020. For New York, in the
months immediately following March 2020, results indicate fewer confirmed cases than
March 2020; however, in the majority of every month after, I found higher rates of

COVID-19 confirmed cases and deaths than in March 2020.
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In conclusion, as hypothesized, the findings indicated that social structures do
explain health outcomes. However, further research is required to better understand this
ongoing health matter.

LIMITATIONS

Although there were many significant findings in this study, results must be
interpreted with caution. One major limitation in this dissertation was examining a very
recent, developing illness that has limited established research to rely on. Limited current
research required the examination of past literature regarding other illnesses to
understand COVID-19 better. While much of the past literature is relevant to the present
health matter, this virus is unique compared to most illnesses in the past. Due to the
ongoing current developments surrounding the virus, results could have differed on a
month-to-month basis through mechanisms that could not yet be qualified because of
how recent it is. These developments include government mandates, including the lifting
of mask mandates and vaccinations.

Additionally, since this illness has developed in under two years, its complete
understanding and expectations may hinder scholarly research because of limited
databases. This study utilized data from five separate databases to compile a dataset with
all the variables required. Instead of having access to one database that provided
resources for all 3 states, I retrieved data for each state separately. Therefore, it is possible
definitions of outcome variables may differ slightly for each state. Lastly, this study only
examined three states out of 50. Although I attempted to investigate states from coast to

coast, the findings only present explanations for three states in particular.
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FUTURE RESEARCH

This research provided significant insight into the current health pandemic and
many of the social structures that may influence poor health outcomes. Because this is an
ongoing pandemic, there is much room for further research. In January 2021, the U.S.
government began administering vaccinations to help with the spread of the COVID-19
virus and prevent COVID-19 deaths. By March 2021, more than 93.6 million vaccine
doses had been administered (AJMC Staff 2021). As of August 2021, more than 70
percent of the U.S. population has received at least one vaccination dose (CDC 2021b).
According to the CDC (2021d), this free-of-cost vaccine is said to prevent
hospitalization, reduce the spread and death rates due to the virus (CDC 2021a). In
California, more than 50 percent of its population has received at least one dose of the
vaccine (CDC 2021d). For Texas, health experts have estimated that by August 2021,
about 44 percent of Texans have been fully vaccinated, not including the 17 percent of
children under the age of 12 who are not yet approved for vaccination (AJMC Staff
2021). New York has been recognized as a leading state for vaccinations with more than
63 percent of the total population above the age of 12 being vaccinated by August 2021
(NYC Health 2021). While this study measured the months before this medical
development, vaccinations could lead to different findings that must be examined.
Furthering the research could determine in what ways, if any, vaccinations affect
COVID-19 outcomes while accounting for social structural factors.

Secondly, developments in government mandates and their effects on the current

virus must be further examined. In March 2020, the COVID-19 virus was officially
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declared a worldwide pandemic. This led to a mandated quarantine and the loss of many
jobs due to the closing of public spaces, besides those considered “jobs”. The most
common form of transmission of the virus is through physical contact; thus, mandated
closures affected the trajectory of COVID-19 because of reduced physical contact. More
recently, many states have reduced mandates and even lifted them completely, causing a
shift in health outcomes. Texas was recognized as the first state to reopen at 100 percent
capacity in March 2021 (TDHSS 2021). While this lifted mandate began in the last
month assessed in this study, such developments provide an insight into the political
standing of the state that could affect future outcomes of the virus. The essence of time
played an integral component in this study considering the virus has developed over two
years. Future research could revisit this current study by extending the time frame being
examined to evaluate how the mandates change the trajectory of the outcomes in this
study. Additionally, considering a more extended period of time for future examination
could allow for a better understanding of what could be expected in the long term.
Further, developments in the virus itself require future research. In July 2021, the
CDC urged an immediate increase in COVID-19 vaccination coverage and
mask-wearing. This came after newly emerging data that indicated a reversal in the
downward trajectory of cases (CDC 2021d). According to the WHO (2021a), there has
been a mutant to the original COVID-19 virus known as the Delta variant. This variant is
reported to be far more infectious than other variants, even among vaccinated individuals,
resulting in twice as many infections (WHO 2021a; Worldometer 2020). Much of the

time frame assessed in this dissertation took place when the country was in quarantine,
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most public places were closed, and many were not encountering any physical contact.
While considering that much of the country has resumed normalcy in many aspects,
examining the impact of this newest variant could provide different results.

Additionally, I found many differences between states that ultimately affected the
COVID-19 health outcomes presented in this study. Studying states that are not
recognized as heterogeneous as the states examined in this current study could challenge
the findings. Thus, exploring a state that does not fall within the three categories by
which I selected these three states could ultimately examine social structural factors from
a unique perspective. Lastly, because this study used counties as the unit of analysis
among three states, future research could take this study a step further by taking a more
exhaustive look into counties within states to examine where the nested health disparities
may reside. This can be done by reviewing one state in particular and examining each
county’s social structures while also analyzing how exactly they affect COVID-19

outcomes.
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